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Thesis Summary 
This thesis aims to bridge between the theoretical concept of motor intelligence and its practice. 
Particularly, I seek to affront the problematic regarding to its quantification. As any transition between 
theory and practice, the theoretical framework must first be established. When it comes to Motor 
Intelligence specifically, though the theoretical groundwork had existed for a long time, the practicality 
of which had remained behind. This thesis begins by first examining the reasons for the discrepancy 
between theory and practice for motor intelligence, continuing by a proposal for a practical approach 
based on the successful implementation of the concepts of intelligence (Chapter 1). 
The approach presented here is made on two fronts; the first front consists of the identification of 
suitable tasks for quantification of various aspects of motor control (Chapters 2-4). Specifically, 
Chapter 2 examines the potential of drawing and tracing tasks as tools for assessment of fine motor 
control, tested on a large number of subjects with specific attention to individual differences and the 
implications of these tasks to motor control. The results evidence that there is no correlation in terms of 
precision between the two tasks and that this lack of correlation is task dependent and not shape 
dependent. This allows for a classification of subjects, based on their level of tasks precision, as either 
drawers or tracers. Results obtained from the study suggest that for an accurate evaluation of fine motor 
control, both tasks should be used integrating their results.  Chapter 3, extends the findings in Chapter 2 
to elementary children, investigating the development of components of fine motor control using a 
tracing and a drawing task. The study demonstrates that, while tracing capacity improves greatly with 
age, drawing capacity improves only slightly. This trend may be due to possible involvement of 
attention as well as maturation patterns of the nervous system. The tasks, by being simple, economic 
and rapid, may represent a good instrument for motor control quantification during development, 
especially for population screening of eventual delays in maturation of motor control. Chapter 4, 
assesses the sensitivity of a tracing task following specific interventions, examining how the 
manipulation of objects, specifically fidget spinner, may influence fine motor control using a spiral 
tracing task. Results suggest that while fidget spinners do improve precision in tracing, it does not 
appear to be due to any inherent characteristic of the spinners themselves, as Sham group also 
demonstrated improvements. 
The second front consists of the creation of instruments and methodological approaches that could be 
used for quantification (Chapters 5-7). Chapter 5 introduces a novel quantification method for 3D 
analysis of movement using a single camera, with a specific attention to the widespread 
implementation of movement analysis. Chapter 6, introduces a novel approach for the quantification of 
motor adaptation, using a simple continuous task which seeks to facilitate testing, and consequently 
used also in clinical settings. The adequacy of the task was evaluated by examining for aftereffects and 
generalizations (considered as indicators for motor adaptation). Results affirm the suitability of the task 
for examining adaptation, specifically, long-lasting after effects and generalization both for size and 
shift were found. Chapter 7 introduces a novel quantification approach during motor learning which is 
aimed to evidence individual differences in strategy selection during learning. This execution-centric 
approach is able to predict behavior during learning, regardless of outcome. 
Finally, Chapter 8 closes this thesis by discussing the approach presented here in a general context 
along with some concluding remarks and possible future directions. 
 2 
1 Introduction 
Abstract. The study of human movement for a long time was predominated with the formulation 
of general theories and models of motor control, leaving individual differences as part of an 
inevitable, though expected, error variance. This state of mind goes in contrast with the widely 
accepted notion that differences, for various attributes and abilities, are not only present between 
individuals but also are crucial for a comprehensive understanding of the mechanisms and 
processes underlying movement. However, the complexity entailed in adequately constructing a 
study aimed to examine individual differences (regarding what aspects should be considered, their 
reliability and significance) represents a strong deterrent for the entire field. Though current 
research is more inclined toward the study of individual differences, it still falls short from its 
objective. This is partially due to faulty planning of studies as well as difficulties related to the 
interpretation of findings. The end result is a plethora of articles that merely evidence the existence 
of differences, whereas the nature and usefulness of this knowledge remains dubious. In this 
chapter I will cover the general approach of studying differences in the field of motor control with 
an emphasis on the study of individual differences. I will continue by discussing the potential of 
quantification and characterization of individual differences in a wider perspective of intelligence, 
and conclude by presenting the possible application of this concept in the field of motor control as 
the study of Motor Intelligence. 
 
Intelligence, in general, is considered to be a certain measure for individual differences. Therefore, any 
discussion regarding intelligence or types of intelligence should begin with some review of 
quantification individual difference. Specifically, in the context of this thesis, which regards a 
relatively novel concept of “Motor Intelligence”, it is imperative to first begin with reviewing the 
common approaches used to evidence and quantify differences in the field of motor control. I will 
therefore begin by first discussing the study of group differences in motor control, followed by an 
examination of the approaches used to quantify individual differences. These aspects will later be used 
along with existing notions of intelligence to provide the groundworks for “Motor Intelligence” and the 
possible translation of this concept into practice. 
Before beginning the discussion about the study of differences, it is important to consider that the 
various aspects of motor control cannot be measured directly, only estimated from motor output, hence 
our knowledge of motor control is derived from behavioral observations. Therefore, it should be 
emphasized that motor control theories are constructs: models that attempt to elucidate control 
principles based on a certain neuroanatomical consensus (Schwartz, 2016). According to this classical 
view, the motor system is composed by specific structures and follows a certain hierarchy: with the 
sensorimotor and premotor cortexes, basal ganglia, and the cerebellum as higher centers for movement 
elaboration followed by the descending pathways and peripheral nerves to reach the target muscles 
(Squire et al., 2013); Though there is no doubt that the above mentioned structures are cardinal 
structures for movement elaboration and production, a problem arises when components of motor 
control models are assigned to structures of the nervous system. 
This problematic stems from a certain dogma in neuroscience, which surmises function from 
anatomical connectivity: physical structures are assigned specific functional roles and are 
interconnected in putative circuits in an attempt to define causal sequences of interaction (Frisch, 2014; 
Genon et al., 2018). Though an assignation approach facilitates the formulation of models and theories, 
it is unlikely that biological systems, and in particular a vastly inter-connected system such as the 
nervous system, would follow these rules. In fact, the distinctions between classic motor structures 
have been blurred by neuronal responses sensitive to somesthetic input, including skin indentation, 
muscle stretch, and joint displacement, to the motor cortex (Schwartz, 2016). Moreover, the 
involvement of motor structures in numerous processes renders even more difficult this distinction, 
e.g., (Lametti and Watkins, 2016).  
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The biological constructs and their behavioral repercussions are certainly of interests and of importance 
when it comes to movement, however, when the concepts being studied become less defined and more 
abstract, attribution of processes to physical areas of the brain becomes rather redundant. In fact, 
studies of motor learning have demonstrated a plethora of areas participating, however their specific 
role and contribution of each area to the process is less defined and varies depending on the context 
(Hardwick et al., 2013). Therefore, although the understanding of neural basis of movement is 
undoubtedly important, it goes beyond the scope of thesis, which is mostly focused on the 
quantification of motor output. 
 
 
1.1 Group differences in motor control 
The study of group differences is an attractive direction for research. Since differences between groups 
are usually evident a priori, when attempting to evidence differences for aspects related to movement it 
is almost guaranteed to yield clear and coherent results. In fact, there are numerous papers highlighting 
the differences in movement and motor control related to different age groups (Zoia et al., 2006), 
different health conditions (Hsu et al., 2019), different sexes (Moreno-Briseño et al., 2010), different 
cultures (Bardid et al., 2015), different socioeconomic statuses (Klein et al., 2016), the list is immense. 
The beauty of this approach, is that the objective is very clear. The two populations being studied 
clearly possess some differences, now we just have to investigate whether or not these differences also 
extend to what we wish to investigate, for example, male female differences in motor learning 
(Moreno-Briseño et al., 2010). However, in most cases it is abundantly clear that differences are 
present (or to be expected), for example, children compared to adults have a completely different body 
composition and maturation of the nervous system, factors known to influence motor control even in a 
relatively homogeneous population (Söğüt et al., 2019). Therefore, it is quite a banality determining 
that differences also ensue for motor control when comparing two populations that are defined by their 
differences for these factors. Moreover, also in cases where the differences are less evident between the 
two groups in question, since the objective of the study is clear (i.e., evidencing difference), then 
simply by examining numerous parameters, the likelihood of finding a difference for one of them is 
very high. A suitable example is that of a study examining motor learning strategies in basketball 
players and their implications for anterior cruciate ligament injury prevention (Benjaminse et al., 
2017). This study compared 3 groups, a visual instructions group, verbal instruction group and a 
control group. Though the data in examination included a complete full body kinematic and kinetic 
analysis, the reported results were essentially limited only to ground reaction force and knee flexion 
moments. 
These types of studies, while reporting results that are statistically significant, are devoid from 
scientific rigor and usually produce results that are rather useless and, at times, even misleading (Head 
et al., 2015). Though there may be occasions in which resorting to random search of significance 
between groups could be of value, however, this is a rather lazy approach that guarantees to yield 
results with a certain scientific contribution that is discrete at best. The end result of which is an 
explosion of information with slight content and very limited usefulness. 
 
1.2 Individual differences in motor control 
Individual differences in movement research were for a long time considered as an inconvenience, 
masking the desired output of group data (Kirkcaldy, 1985). The importance of individual differences 
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was always widely acknowledged, after all, in some sense it is the foundation of our perception of 
reality. However, even though it seems obvious that two individuals are different, the study of what 
renders them different is by far much more complex. In fact, instead of discussing individual 
differences as a concrete concept, the preferred terminology considers inter-individual variability rather 
than differences e.g., (Raffalt et al., 2016). Though it may seem that the two may represent synonyms 
of the same idea, the conceptual difference between them is immense. While differences are concrete 
and determined, variability considers a certain spread, referring not to whether or not two things are 
different, but rather to how much similar or different two things are (Urdan, 2017). Under this respect, a 
measure of inter-individual variability is more a measure of the sample homogeneity than actual 
difference and, as such, could be considered as an extension to group studies. 
The objective of studying individual differences is quite the contrary, taking the small differences and 
amplifying them to caricature-like proportions. This concept was already realized in animation much 
earlier than in movement research (Thomas and Johnston, 1995). According to this view, it is the small, 
sometimes invisible, differences that are most characteristic. Small traits are magnified to be rendered 
as evident as possible; otherwise, it becomes difficult to differentiate one person (or character) from 
another. In fact, the first assumption that must be made when attempting to study individual differences 
is that different individuals are different. Following that we can search for the best way to 
demonstrate/evidence those differences. 
1.2.1 The three R’s of individual differences 
1.2.1.1 Ranking 
It would go without saying that the moment we affirm that differences exist between individuals we 
implicitly assume that individuals could be ranked accordingly. The simplest example for this is 
considering physical traits such as height. Some individuals are short and some are tall, and regardless 
of the population we take under consideration, we can always rank them from shortest to tallest. This is 
the first fundamental requisite for investigating individual differences.  
When we wish to apply it to motor control, we examine a performance for a certain task, again, our 
starting point is assuming that some individuals would perform better in this task and some worse. 
Therefore, ranking in this case could be made from worst to best, a commonly used approach in 
competitive sport (Motegi and Masuda, 2012; Reid et al., 2014). This may be applied not only to task 
success, but also to any parameter aspect of the performance we wish to consider. For example, we 
could examine execution speed and thus rank individuals from slowest to fastest, or strength thereby 
ranking from weakest to strongest, and so forth. No matter what aspect we wish to examine, we should 
be able to rank individuals accordingly. This implies that any parameter under question must be, first, 
quantifiable, and second, continuous. Boolean data, for example, while being very useful for division, 
are obviously not adequate for ranking. 
Surprisingly, studies oriented toward investigating individual differences in motor control demonstrate 
a certain abstinence from the term “ranking” e.g., (Stark-Inbar et al., 2017). It seems that when it comes 
to human factors in non-competitive settings, there is a preference to use “reach-around” terms, which 
imply that a certain ranking had taking place, but is not fully considered as such. Therefore, it is more 
likely to find terms such as “below average” or “low-scoring” instead (Chorba et al., 2010; Sayers et 
al., 2016). Surely any parameter under investigation, given an adequate number of samples, would 
eventually result in a Gaussian distribution; therefore, when discussing population results, it may be 
more useful utilizing a terminology that references the mean of the population (e.g., below average). 
Still, whether personal preference drive toward the use of one terminology over another, conceptually 
the process remain the same. 
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1.2.1.2 Repeating 
Even if a ranking is obtained for a certain parameter, it still does not mean that it is valid. Since our 
focus is on evidencing actual differences, we cannot accept any ranking until we examine whether or 
not it is consistent. Here enters the concept of repeatability, the successive measurements of the same 
measure carried out under the same conditions (Plesser, 2017). Since a ranking by a single measure 
may be influenced by various factor, obtaining the same ranking after repetition increases our 
confidence in the ranking e.g., (Mok et al., 2016). For example, if we test performance in a certain task, 
some individuals may have not fully understood the task and consequently underperformed, then the 
re-testing helps to eliminate that. Especially when done on several occasions. 
Furthermore, the more objective our quantification is, the more reliable our ranking would be. Rater 
evaluation for example, usually used for quantifying qualitative aspects of performance, cannot 
guarantee a repeatability of results and may also present personal biases (Gingerich et al., 2011). 
Therefore, we should always strive for an objective quantification. 
1.2.1.3 Reasoning 
Once something is found to be repeatable it does not necessarily mean that it is of scientific value. 
When we consider individual differences, evidencing them is not enough (we assume that they will 
always be present), but understanding their meaning and their importance in the context of previous 
knowledge is imperative (Bavdekar, 2015). With a carefully planned study this is usually not an issue, 
since we already seek to address a very specific question. However, in studies in which differences 
were evidenced by means of collecting large amounts of data, it is often difficult to account for the 
differences we report e.g., (Benjaminse et al., 2017). Without a clear idea of how a certain difference 
contribute to the general understanding, an entire study can become trivial. 
1.2.2 Difficulties in the study of individual differences 
Even though the general approach for studying individual differences is relatively straight forward. It 
appears that still there is a preference to avoid this argument at all cost. The main issue, once taking out 
of the equation notable group differences, is what are we left with? Meaning, what are the aspects of 
movement that are of value to study, and how to study them in a way that evidence differences between 
individuals. 
1.2.2.1 The output measure 
Perhaps the most difficult question when constructing a study aimed toward evidencing differences is 
what is the output measure that we should consider (Barak and Duncan, 2006; Shishov et al., 2017). 
While we may have a general idea of what we wish to examine (e.g., motor learning, speed-accuracy 
tradeoff etc.), when we begin to review the parameters that may be examined, it is hard to determine 
which would be the most valuable scientifically and would also prove to be suitable for evidencing 
individual differences. Even when we do find a parameter which we deem suitable, since often times 
we cannot be completely sure whether the results would be repeatable, we risk conducting a study 
which would not yield results. 
On larger datasets, for example when conducting a kinematic movement analysis, the problem becomes 
even more pronounced. As mentioned earlier, the likelihood of finding a certain parameter which 
would satisfy the requisites of studying individual differences is high. However, the significance of this 
parameter may not be of value. Still, as these types of studies consider an immense amount of data, the 
amount of time and resources dedicated may increases until the entire idea would be abandoned or 
would resort to methodology aimed to evidence significance (Head et al., 2015). 
Another issue that may increase the difficulty of identifying an output measure is the complexity of the 
task being studied. The more complex the task is, the more aspects could be considered and the more 
difficult it becomes to determine which measure should be compared. In fact, while it is obvious just by 
sheer observation that most movements are subject to great individual differences, most movements 
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cannot be studied and controlled in experimental settings. Therefore, we try to simplify and reduce 
general concepts to their acceptable minimum. The problem with the simplification approach is that 
results derived from simplified approaches do not necessarily generalize to complex ones (Wulf and 
Shea, 2002). Consequently, over simplification may mask either the original movement completely, or 
the differences between individuals for the original movement. 
The biggest deterrent for the study of individual differences after all is, again, that the second you start 
investigating individual differences you are bombarded with an infinite amount of data. Therefore, we 
must decide on one measure in order to make sense of things. 
1.2.2.2 Reliability and significance 
To determine the reliability of a study, or more specifically, of a certain difference found, we must 
demonstrate its repeatability (see 1.2.1). Naturally, retesting and reproducing results does not come 
without a cost, and therefore, it already represents a difficulty. However, even once something is found 
to be repeatable we must view and discuss its importance in the context of previous knowledge. This at 
times is not necessarily immediate and may require a follow-up study to put it in context. 
1.2.2.3 Sample size 
In order for a concept to be effectively applicable to the general population, our study’s sample must be 
sufficiently large (Faber and Fonseca, 2014). Since often when investigating individual differences 
there is a sense of uncertainty (related to the choice of the output measure, or repeatability as well as 
there are numerous parameters to consider), most studies focused on individual differences usually 
recruit a small number of subjects. This way, while characterization of the differences within the 
sample may be quite evident, generalizing the results to a larger population is not admissible (Faber 
and Fonseca, 2014). The recruitment of more subjects for a study presents its own difficulties, 
regardless of the scientific dilemma that we are facing. Consequently, more complex studies prefer 
small sample size, simple studies may have larger sample size. 
 
1.3 Potential of studying individual differences 
Up until now we have discussed the general approach to the study of individual differences and its 
limitations. However, it is perhaps more important to understand what is the usefulness of this 
knowledge. Why do we need to quantify objectively these differences? And how can we use these 
differences in a wider context? In an attempt to answer these questions, we will deviate from 
movement research to the field of psychology, in which for a long time individual differences were 
examined, characterized and implemented with success, and their study was proven to be beneficial. 
Specifically, we will examine the case of intelligence and intelligence quotient and discuss the possible 
translation of this concept to movement studies. 
1.3.1 Intelligence and Intelligence Quotient 
1.3.1.1 Intelligence 
The concept of intelligence has existed for a long time, though a consensus regarding its definition 
remains debatable, it is largely agreed that intelligence refers to certain cognitive abilities which are 
different between individuals (Legg and Hutter, 2007). The term, though debatable, has been the basis 
of the field of differential psychology, a field dedicated to the study of individual differences (Deary, 
2012). Throughout the history of intelligence research (over a hundred years already) two objectives 
were evident, the first of which is that evidencing individual differences for cognitive abilities has 
important implications, the second, a direct consequence of the former, is that there is a need to 
adequately quantify intelligence in order to apply this concept to practice. This is rendered evident by 
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the numerous efforts and proposals made and debated regarding the quantification of intelligence 
(Boake, 2002; Gottfredson and Saklofske, 2009). Perhaps the most influential work was that of Charles 
Spearman (Spearman, 1904) who, by discovering a general factor common to many different mental 
abilities, has provided the bases for the field of differential psychology and laid the foundation for 
models of intelligence testing (Deary, 2012).  
1.3.1.2 Quantification of intelligence 
Perhaps the greatest difficulty in differential psychology to date is the quantification of intelligence. 
Specifically, since the definition of intelligence was left open to interpretation, understanding what to 
examine exactly depended on what we wished to evidence. Initial attempts for quantification of 
intelligence were concerned with the assessment of extreme cases. Notably, in the 1800’s the French 
physicians Jean Esquirol and Edouard Seguin investigated intelligence in individuals with intellectual 
disabilities whereas the British scientist, Francis Galton, focused on the ability of men of genius 
(Kaufman and Harrison, 2008). Though initial tests consisted of the examination of use of language, it 
was already evident that performance in non-verbal tasks was also important. Specifically, Galton 
employed an approach based on sensory discrimination and sensory-motor coordination integrated with 
anthropometric measures (Galton, 1885). It was only later that Alfred Binet shifted the focus of 
intelligence testing to higher mental processes, creating a series of test aimed to quantify aspects such 
as memory, comprehension, imagination and moral sentiments (Binet and Simon, 1904). These tests 
were later referred to as the Binet-Simon Scale in 1905, and were used to assess children for mental 
retardation. In 1916 a revision of the Binet-Simon Scale by Lewis Terman (Stanford-Binet Scale) first 
introduced the term Intelligence Quotient (IQ), considered the mental age divided by the chronological 
age multiplied by 100 (Terman, 1916). 
The Binet scale, though widely accepted at that time, had a few evident shortcomings. Most notable of 
which were the use of primarily verbal tasks and the use of a single global score for intelligence. 
During World War I, the great need to rapidly classify new recruits lead to the formulation of a series 
of tests based on the Binet-Simon scale along with performance tests (Boake, 2002). Subsets of these 
were later used by David Wechsler, and were introduced in 1939 as the Wechsler-Bellevue Scale 
(Wechsler, 1939) which, differently from the Binet scale, included both verbal and nonverbal tasks as 
well as the calculation of 3 scores: verbal IQ, performance IQ, and full-scale IQ. Since then, several 
revisions were made to the Wechsler scale, which is still widely in use to date. 
Though this short review of intelligence testing is certainly lacking, for a more thorough review of the 
subject refer to (Boake, 2002; Deary, 2012; Gottfredson and Saklofske, 2009; Kaufman and Harrison, 
2008), what is evident from this brief discussion is the fact that quantification of intelligence rises from 
certain practical needs. In fact, the use of intelligence testing specifically in schools is considered to be 
more objective than teacher evaluations, which is why they became widely accepted in education 
(Vane and Motta, 1984). Moreover, diagnostic criteria for intellectual disabilities is practically defined 
by results in standardized intelligence testing (American Psychiatric Association, 2013).  
1.3.2 Multiple intelligences. 
1.3.2.1 Theory 
For a long time intelligence was considered a single entity, following the view of Spearman (Spearman, 
1904). It is now, however, widely accepted that there are different types of intelligences. Currently 
there are three theories dominating the view of a plurality of intelligences: the CHC theory (i.e., Cattell, 
Horn and Carroll), the multiple intelligences theory, and the triarchic theory. Regardless of the theory 
taken in consideration, there is an agreement that current IQ models are not sufficient to cover all 
aspects related to intelligence. 
The CHC theory is considered perhaps as the most comprehensive theory related to distinction of 
cognitive abilities. The theory represents the integrated works of Cattell, Horn and Carroll (Carroll, 
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1993; Cattell, 1941; Horn, 1968). The basic idea of CHC theory is that there are three strata of 
intelligence that are hierarchically related to each other. Stratum I includes narrow abilities, Stratum II, 
broad abilities, and Stratum III, general ability (Sternberg, 2012). According to this view, the abilities 
encapsulated within Stratum I relate to specific, measurable, abilities of the categories (or broad 
abilities) included in Stratum II. For example, reading comprehension is a narrow ability in Stratum I, 
which is one of the measurable abilities under the category of reading and writing (one of the broad 
abilities in Stratum II). The categories are all considered as part of the general ability (i.e., Stratum III). 
Therefore, we could consider this view as somewhat of an extension of Spearman’s model of a general 
intelligence. 
The multiple intelligences theory was proposed by Howard Gardner under the premise that there is no 
“general intelligence” broadly construed, but rather that it is multiple (Gardner, 2006). Gardner 
suggested the existence of eight different types of intelligences, all relatively independent from one 
another. These intelligences include: linguistic, mathematical, spatial intelligence, musical intelligence, 
bodily-kinesthetic intelligence, naturalist intelligence, interpersonal intelligence and intrapersonal 
intelligence. 
The triarchic theory, proposed by Robert Sternberg argues that intelligence comprises three sets of 
skills: creative, analytical, and practical (Sternberg, 1985). Where creative skills are those concerned 
with the generation of novel ideas. Analytical skills seek to assure that the ideas are good ones. Finally, 
practical skills are concerned with the implementation of the ideas and persuasion of others of their 
value. The triarchic theory therefore considers that the different types of intelligences are somewhat 
interconnected, as opposed to Gardner’s view of completely independent intelligences. 
1.3.2.2 Practice 
Though the above mentioned theories of multiple intelligences have gained a fair amount of attention, 
their implementation was less than optimal. When specifically investigating the proposed theories, the 
CHC theory proved to be the most supported one in terms of empirical findings (Flanagan and Dixon, 
2014). However, since the CHC theory is rather complex and includes a large number of items, it is 
mostly represents the theoretical grounds from which subsets are used for other tests (Keith and 
Reynolds, 2010). As for the multiple intelligence theory, attempts have been made for testing the 
various types of intelligences, however, in this cases (considering the ample difference between the 
types of intelligence) the proposed tests fall short by limiting themselves to either questionnaires or 
certain tasks which are not consolidated e.g., (Almeida et al., 2011; Singh et al., 2017). Also in this 
case, it is hard to create a univocal model for testing that can adequately address all of the proposed 
types in a single test. As for the triarchic model, due to its vague definitions and its focus on day-to-day 
situational problem solving, there are only a few studies that have examined parts of it not under the 
form of a test though (Sternberg and Grigorenko, 2001). Therefore, it still represents more a theoretical 
than a practical concept. 
 
1.4 Motor Intelligence 
Independently of one’s preferences toward a certain theory of intelligence, it is relatively clear that 
each of them consider a certain motor component of intelligence. In fact, the notion of a “movement 
based” intelligence was already noted in the 1800’s (Galton, 1885). According to the modern theories, 
this component may be explicitly considered, as in Gardner’s theory (i.e., bodily-kinesthetic 
intelligence), or more implicitly considered, as in Sternberg’s theory (i.e., practical intelligence). Also, 
items related to psychomotor functions were added to revisions of the CHC theory (McGrew, 2005). 
Still, even though the notion of movement related intelligence predates even the consolidation of 
intelligence testing, the term “Motor intelligence” was coined relatively recently (Berendsen et al., 
2002). 
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The value and the importance of movement ability quantification are noted in clinical practice, sports 
science, as well as in education. It is therefore somewhat perplexing that with all the attention related to 
the study of movement, there is still no consensus regarding its evaluation and assessment. Though 
there are tests aimed toward the quantification of movement in specific fields, such as professional 
athletes and children (Bruininks and Bruininks, 2005; Folio and Fewell, 2000; Henderson et al., 2007; 
McKeown et al., 2014; Piper et al., 1992; Russell et al., 2013). The majority of items included in these 
tests are subject to rater evaluation, which renders them not objective as well as logistically difficult for 
a wide-spread implementation. In clinical practice, the evaluation of movement is not standardized and 
is reliant completely on the examiner’s own perception (Brazis et al., 2007).  
It is for these reasons exactly that the debate regarding motor intelligence was initiated (Berendsen et 
al., 2002). However, as the discussion related to motor intelligence was initiated, it already encountered 
a strong opposition (Olsson, 2002). Some of the argumentation against a model of motor intelligence 
relate more to the practical issue of constructing a new model of intelligence that entails a long process 
of demonstrating that the new intelligence meets traditional standards for intelligence. However, as for 
intelligence testing in general, where there is a need there are also solutions. If we consider that 
intelligence testing already has a history of over 200, the “long process” referred to by Olsson is a false 
deterrent.  
A second argument raised was regarding the definition proposed by Berendsen and colleagues “the 
capacity to understand, perceive and solve functional problems in various environments by motor 
behavior in a flexible, dynamic, efficient and productive way” (Berendsen et al., 2002). The emphasis 
given to perceiving, understanding and solving problems does not seem to be particularly motor-
centered, and would be assessed just as well with existing intelligence tests (Olsson, 2002). Though the 
definition proposed is indeed lacking, within the field of intelligence to date there is still no agreement 
regarding the definition of intelligence in general (Legg and Hutter, 2007). Therefore, a revision of the 
definition may be introduced, giving more emphasis on movement than on perception. Lastly, and 
perhaps most substantial objection, whereas much is known about the taxonomy and predictive validity 
of human intelligence differences, there has been relatively little progress in understanding their nature 
(Deary, 2001). Consequently, the introduction of a new concept of intelligence, with its own taxonomy, 
without understanding of the reason for differences, does not contribute to our current understanding, 
and belittles the entire concept in general. 
Recently, Hands and colleagues, have also brought forth a discussion in an attempt to resuscitate the 
old concept of “General Motor Ability” (Hands et al., 2018). This, similar to the Spearman’s model for 
intelligence (Spearman, 1904), hypothesizes a single general ability for motor control. The authors 
discuss the issues with current assessment tools for motor capacity, and provide argumentations 
supporting a global motor ability derived mostly from analysis models and other theoretical works. 
However, their proposal falls short from conception, as the discussion of existing theoretical concepts 
without a practical framework to accompany them is destined to be abandoned, the same as as the 
original theoretical models that preceded it e.g., (Brace, 1930; McCloy, 1934; Spearman and Jones, 
1950). 
It is certainly a daunting task to characterize possible individual differences in motor control, and in 
general. However, the study of motor intelligence should stem from the study of individual differences 
and their characterization, not from the formulation of theories and taxonomy. 
1.4.1 Approach to motor intelligence 
Given the existing knowledge of human movement, along with the approach for studying individual 
differences in motor control (see 1.2 Individual differences), the transformation of theory to practice is 
largely facilitated. Similar to IQ, we assume that a certain motor intelligence quotient would not consist 
of a single measurement but of multiple measurements, based on certain taxonomy. In terms of motor 
control, several taxonomic classifications for motor abilities already exist (Fleishman, 1964; Gentile, 
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1972; Schmidt and Lee, 2005). For simplicity purposes, I will consider a one-dimension classification 
system that differentiates skills depending on the sizes of the primary muscle groups required to 
produce an action i.e., gross motor skills vs. fine motor skills (Magill, 2004). 
Considering the contexts of potential implementation of a motor intelligence test (e.g., clinical practice, 
schools, sport settings), certain prerequisites must be taken into account. The first of which, as 
mentioned earlier, is that quantification must be objective. The second, the approach must be 
logistically simple and flexible, so as to allow for testing in different environments. Lastly, simple tasks 
are preferable, as complex tasks are not only problematic in terms of analysis but also may cause a 
priori biases due to differences educational background or specific training. 
The approach presented here is made on two fronts; the first front consists of the identification of 
suitable tasks for quantification of various aspects of motor control (Chapters 2-4). Specifically, 
Chapter 2 examines the potential of drawing and tracing tasks as tools for assessment of fine motor 
control, tested on a large number of subjects with specific attention to individual differences and the 
implications of these tasks to motor control. Chapter 3, extends the findings in Chapter 2 to elementary 
children, investigating the development of components of fine motor control. Chapter 4, examines the 
sensitivity of a tracing task following specific interventions.  
The second front consists of the creation of instruments and methodological approaches that could be 
used for quantification (Chapters 5-7). Specifically, Chapter 5 introduces a novel quantification method 
for 3D analysis of movement using a single camera, with a specific attention to the widespread 
implementation of movement analysis. Chapter 6, introduces a novel approach for the quantification of 
motor learning, using a simple task that seeks to facilitate testing, and consequently be used also in 
clinical settings. Finally, Chapter 7 introduces a novel quantification approach during motor learning 
which is aimed to evidence individual differences in strategy selection during learning. 
Though certainly the work presented in this thesis is partial at best, when considering a vast argument 
such as “Motor Intelligence”, I do believe that it may help to create a certain framework which could 
potentially be extended to a more complete approach. Therefore, with this work I hope to make an 
initial step toward a translational shift of a concept that, to date, remains mostly theoretical. 
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2 Precision in drawing and tracing tasks: different measures for 
different aspects of fine motor control 
1 
Abstract. Drawing and tracing tasks, by being relatively easy to execute and evaluate, have been 
incorporated in many paradigms used to study motor control. While these tasks are helpful when 
examining various aspects relative to the performance, the relationship in proficiency between 
these tasks was not evaluated to our knowledge. Seeing that drawing is thought to be an internally 
cued and tracing an externally cued task, differences in performances are to be expected. In this 
study, a quantitative evaluation of the precision of circle drawing and tracing, and spiral tracing 
was made on 150 healthy subjects. Our results show that, while precision is correlated when 
repeating drawing circles, tracing spirals, or tracing circles as well as between tracing spirals and 
tracing circles; there is no correlation when subjects performed drawing circles and tracing spirals 
or between drawing and tracing of circles. These results suggest that this lack of correlation is task 
dependent and not shape dependent. We suggest that the evaluation of fine motor control should 
include both a tracing and a drawing task, taking in consideration the precision in each task. We 
believe that this approach could help not only to evaluate fine motor control more accurately, but 
also to identify subjects who are more reliant on either internal or external cueing and to what 
extent. 
 
2.1 Introduction 
Tracing and drawing tasks represent attractive tools for the evaluation of various aspects relative to 
motor control. As such, many paradigms designed to study motor control have incorporated them as 
part of their assessment. Most of these paradigms use simple shapes as their employment may be both 
easily executed and measured, while still providing valuable information of upper limb functioning as 
well as motor control (Smits et al., 2018). Specifically, the precision of performance in spiral tracing 
tasks has been incorporated as part of the neurologic examination for the evaluation of fine motor 
control (Cohen et al., 2018b; Hoogendam et al., 2014; Miralles et al., 2006; San Luciano et al., 2016). 
On the other hand, circle drawing is widely incorporated in timing-based tasks in which the smooth and 
continuous motion of circle drawing has been used to compare discrete and continuous motor tasks for 
timing control (Repp and Steinman, 2010; Robertson et al., 1999; Spencer et al., 2003; Studenka et al., 
2012). In this case, the drawn circles are not evaluated for precision, but for timing consistency 
between repetitive drawings of the shape. There are also examples in which the precision of the drawn 
circle was evaluated. It was shown that the area and roundness of the circles correlated with stroke 
severity and were suggested to represent outcome measures for stroke rehabilitation (Krabben et al., 
2011). Also, precision in circle drawing was used to evaluate speed-accuracy tradeoff when temporal 
constraints are introduced (Gatouillat et al., 2017) as well as motor equivalence (i.e., the similarity of 
movements produced by different sets of motor commands, utilizing different muscle groups; Portnoy 
et al., 2015). 
Surprisingly, even though drawing and tracing tasks are widely used to evaluate fine motor control 
(Mergl et al., 1999; Smits et al., 2018; Sülzenbrück et al., 2011, 2010; Vuillermot et al., 2009), very 
few studies have investigated the relationship between drawing and tracing. Worth noting are the works 
of Gowen and Miall, in which the researchers have analyzed eye-hand interactions for both tracing and 
drawing of simple shapes; they have reported a tighter eye-hand coupling for the tracing task than the 
drawing task as well as more frequent pursuit eye movements for tracing than for drawing (Gowen and 
Miall, 2006). Following that, the researchers have further shown that different cerebral areas are 
                                                            
Cohen EJ, Bravi R, Bagni MA, Minciacchi D (2018) Precision in drawing and tracing tasks: Different measures for different 
aspects of fine motor control. Hum Mov Sci. 61:177-188. doi: 10.1016/j.humov.2018.08.004. 
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activated when drawing was compared to tracing, suggesting the former to be a more cognitive task 
than the latter (Gowen and Miall, 2007). This is to be expected when also considering that tracing is an 
externally cued task and drawing is internally cued (Flanders et al., 2006; Sailer et al., 2000; Thut et al., 
2000; van Donkelaar and Staub, 2000). In fact, it was shown that externally and internally cued 
performances may differ. Differences in performance were found when auditory synchronization 
(externally cued), measured as synchronized wrist oscillations to an auditory stimulus, was compared 
with auditory imagery (internally cued), measured as wrist oscillations synchronized to the recall of an 
auditory stimulus, with the auditory synchronization task being more precise than auditory imagery 
(Bravi et al., 2015, 2014). Specifically, based on autocorrelations of the performances, the auditory 
imagery task seemed to employ more emergent-based timing whereas the auditory synchronization task 
a more event-based timing. Also, it was suggested that internally and externally cued tasks may be used 
evaluate different aspects relative to motor control. This was shown in some auditory-motor paradigms 
involving finger tapping in which the synchronization phase (externally cued) was suggested as an 
estimator for anticipatory mechanisms (Repp, 2011; Repp and Moseley, 2012), whereas the 
continuation phase (internally cued) as an estimator for drift (Collier and Ogden, 2004). These 
observations not only reinforce the hypothesis that differences in performance for tracing and drawing 
tasks are to be expected, but also that the two tasks may be used to evaluate different aspects relative to 
fine motor control. 
To our knowledge there is no study that evaluates whether the proficiency in one task correlates to the 
other. It was shown that substantial difference in precision may exist among individuals in certain types 
of tasks (Madison, 2004). Also, investigations of precision in an angle reproduction test, for which the 
results remain relatively constant for repetitions distant in time, have revealed that healthy subjects may 
be categorized according to their level of precision (Callaghan et al., 2002; Perlau et al., 1995). 
Therefore, it appears that for certain types of tasks, when not subject to specific training, differences in 
precision may exist between individuals with some individuals being inherently more or less precise. It 
is possible to hypothesize that differences in precision among individuals may ensue also for both 
tracing and drawing tasks. It is also possible that, considering the differences between the tasks, no 
correlation in terms of performance precision would be found. 
In this study, we seek to evaluate whether the precision in drawing and tracing tasks is constant among 
subjects. If indeed the two tasks evaluate fine motor control, it would be expected that, in the 
population, precise individuals in one task would also be precise in the other. We consider the two most 
widely used tasks in literature, spiral tracing and circle drawing. We first assume that subjects may be 
ranked according to their level of precision in performing either task. Therefore, the initial step 
consisted in evaluating whether this ranking is persistent (i.e., repeatable) for each task. Following that, 
in order to compare the tasks, we consider the differences between them, mainly different task and 
different shape. Therefore, we have fragmented the comparison into two: task comparison for the same 
shape (i.e., circle drawing compared to circle tracing) and shape comparison for the same task (i.e., 
circle tracing compared to spiral tracing). Following that we have evaluated the case of a different 
shape and a different task (i.e., circle drawing and spiral tracing). 
Our hypothesis is that tracing, by being a different task compared to drawing, should not correlate with 
drawing, in terms of precision in the population. We expect that while subjects may be ranked 
according to their level of precision for both tracing and drawing, and that this ranking will remain 
relatively constant for all tasks regardless of shape, the precision in drawing compared to tracing 
among subjects would not correlate, again, regardless of shape. If our results go in line with our 
hypothesis, it should be possible to classify subjects as either drawers or tracers and to use this 
classification to accurately evaluate fine motor control. 
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2.2 Materials and Methods 
2.2.1 Participants 
One hundred and fifty healthy adults were recruited for this study (age: 23.1±2.6 years; 61 males). All 
participants were right handed (81.7±17.5; laterality score from the Edinburgh Handedness Inventory; 
Oldfield, 1971). Participants were naive to the task and the purpose of the study, and free of 
documented visual, motor, and neurological impairments. All subjects reported to have a corrected-to-
normal visual acuity. All subjects reported to not have any previous experience in using a graphic pen 
tablet. The participants were university students who volunteered for the study. Participants were not 
paid for their participation. The study protocol was approved by the Institutional Ethics Committee 
(Comitato Etico Area Vasta Centro AOUCareggi, Florence, Italy) and all procedures conformed to the 
code of ethics of the Declaration of Helsinki. All participants gave written informed consent. 
2.2.2 Set up 
The set up in this study is the same as the one used in Cohen et al., 2018 and is briefly summarized. 
The participants executed both tracings and drawings, projected on a monitor, while seated without the 
support of either wrist, arm, or elbow, in such a way that the only contact with the tablet was made 
through the pen (Figure 2.1). All tasks were performed using graphic pen tablet (Wacom Intuos® CTH-
690AK, Tokyo, Japan; active area: 216 x 135 mm).  
Each participant was tested individually. Participants were randomly assigned to one of six groups 
(Figure 2.1) composed of 25 participants each: Drawn Circles (Group 1; males=9), Traced Spirals 
(Group 2; males=9), Traced Circles (Group 3; males=13), Drawn Circles vs Traced Circles (Group 4; 
males=10), Traced Circles vs Traced Spirals (Group 5; males=10), or Drawn Circles vs Traced Spirals 
(Group 6; males=10). 
2.2.3 Task 
For all tasks we have specified to trace or draw the circles and trace the spirals as precisely as possible 
with no regard to the speed of execution. Before starting the task, each subject was asked whether the 
instructions were understood. Specifically, for the circle drawing task, instructions stated “draw a circle 
as precise as you can, meaning a circle having a constant radius”, if instructions were not understood, it 
was further specified to “draw a circle as round as you can”. 
For Group 1, participants were asked to draw a circle counterclockwise starting at 12 o’clock. After a 
minute from conclusion, participants were asked to draw a circle again counterclockwise starting at 12 
o’clock. No information was given regarding the dimensions of the circles. For Group 2, participants 
were asked to trace a spiral beginning from the center and going outward. After a minute the task was 
repeated. The spiral templates were designed for a medial to lateral performance of the dominant hand 
(i.e., counterclockwise for the right hand). For Group 3, participants were asked to trace a circle 
counterclockwise starting at 12 o’clock. After a minute from conclusion, participants were asked to 
trace a circle again counterclockwise starting at 12 o’clock.  
As Groups 4, 5 and 6 represent only different combinations of the tasks in the first three groups, the 
indications for performance of the specific tasks were identical to those in Groups 1, 2, and 3. 
Depending on the first task in Groups 4, 5 and 6, after a minute the participants were asked to perform 
the other task assigned to that group (Figure 2.1). The order of either first task or second task was 
randomized so as to obtain an equal number of participants who started with either the former or the 
latter. The minute interval between trials was chosen seeing that it is considered to be well beyond the 
capacity of working memory (Siegel, 2002). 
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Figure 2.1. Setup and Experimental design. The upper panel illustrates the working setup used 
in the experimental session. The graphic pen tablet was placed in front of the screen, and the 
participants were asked to execute either the drawing or the tracing task, while seated, without the 
support of either wrist, arm, or elbow, in such a way that the only contact was made through the 
pen on the tablet. The lower panel illustrates the experimental design. Participants (n=150) were 
randomly assigned to one of the six groups, each consisting of 25 subjects: Drawn Circles (Group 
1), Traced Spirals (Group 2), Traced Circles (Group 3), Drawn Circles vs Traced Circles (i.e., 
same shape; Group 4), Traced Circles vs Traced Spirals (i.e., same task; Group 5), Drawn Circles 
vs Traced Spirals (i.e., different shape and different task; Group 6). Each participant performed 2 
trials with a 1-minute interval between them. The trials were different according to the 
experimental group and consisted of: for Group 1 – draw a circle and repeat; for Group 2 – trace a 
spiral and repeat; for Group 3 – trace a circle and repeat; Group 4 – draw a circle and trace a circle, 
randomized order; for Group 5 – trace a circle and trace a spiral, randomized order; for Group 6 – 
draw a circle and trace a spiral, randomized order. 
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To exclude performance differences between genders, the results of both tracings and drawings were 
compared by using an unpaired two sample t-test. The comparison was made on the results of Groups 
1, 2 and 3 (repetition groups) in which the measurements could be directly compared. The t-test did not 
reveal any significant differences between genders within groups for both the first and second 
tracings/drawings. Therefore, the results for each group were pooled together, regardless of gender. 
2.2.4 Analysis 
Using Matlab, we have developed an algorithm to measure the accuracy of the drawn circles. The 
algorithm consisted of first finding the centroid of the drawn shape. This was achieved by taking the 
mean value of all x and y coordinates, the result of which would provide a reference center, from which 
the actual center could be calculated. From the reference center, points were organized according to 
their angle and were then reduced to 360 points, having one point per angle. This was done in order to 
reduce the sensitivity to the way the shape was drawn (e.g., parts drawn slower will result in more 
points). After the point reduction, the mean value of all x and y coordinates were calculated on the 
remaining point, and the result was considered as the center of the circle. Following that, the distance 
of each point (prior to the reduction) of the drawing from the center was calculated (Figure 2.2). These 
distances were considered as the radii for the drawn circle, the mean value of which would result as the 
radius of the corresponding perfect circle. Seeing that no indication was provided regarding the size of 
the circle, the coefficient of variation (CV; i.e., standard deviation/mean) of the radii was considered as 
a measure of the precision of the drawn circle, bearing in mind that for a perfect circle the variability 
will be zero. The same algorithm was used also for CV analysis of the traced circles. 
 
 
Figure 2.2. Drawn circles analysis. An example of the calculation of the precision of a drawn 
circle. A. A drawn circle represented as points starting at point 1 (with the coordinates x1, y1) and 
going counterclockwise to the end point (with the coordinates xi, yi). The mean (µ(x)) and mean 
(µ(y)) values were considered as the centroid of the drawn circle, and the radius of each data point 
on the drawing (r) was calculated as the point’s distance from the centroid. B. The measured radii 
of the consecutive points, from which the CV of the radii was calculated for each drawing. CV of 
the radii in this example was found to be 0.068. SD = standard deviation. 
 
For spiral and circle tracing analysis the algorithm consists of serial angle-based calculation of the 
traced spiral or circle deviations from the template (Cohen et al., 2018b). Points of the tracing (n = 
6,643 per traced spiral and n=2,984 per traced circle, normalized to the size of the template) were 
organized both according to their distance from the spiral center as well as according to the angle; for 
circles, the points were organized only according to the angle. Seeing that for the spiral there is no 
constant measurement (e.g., radius), the CV could not be used as a measure of accuracy in this case. 
For each point the residual difference (RD) between the tracing and the template was measured, 
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considering the template as the expected value. Since we are interested only in deviations from the 
template, RDs were considered as absolute values. For each tracing (spirals and circles) the mean RD 
was calculated (Figure 2.3). 
 
 
Figure 2.3. Spiral tracing analysis. An example of the calculation of the precision of a traced 
spiral. A. Both the spiral template (in black) and one example of tracing (in red points) are 
illustrated. B, C. The distance from the spiral center (i.e., r, radius of the spiral; center with the 
coordinates x, y) was calculated for each point of the template (B) and of the tracing (C) from the 
template’s center. D. RDs were calculated as differences between the radius of each point of the 
template (black) and the radius of the corresponding data point of the tracing (red). E. The red 
graph indicates the RDs of the example of tracing with respect to the template (black line). The 
small box represents the example illustrated on B, C, and D. The mean RD in this example was 
found to be 0.388 cm. 
 
2.2.5 Statistics 
In order to evaluate whether a correlation exists between performances in terms of precision, the 
Pearson correlation coefficient was used on CVs for circle drawing and tracings and on mean RDs for 
the spiral and circle tracings. Specifically, the Pearson correlation coefficient was calculated for Group 
1 using CVs of the drawn circles; for Group 2 using mean RDs of the traced spirals; for Group 3 using 
both CVs and mean RDs (independently and in combination) of the traced circles; for Group 4 using 
CVs of the drawn and traced circles; for Group 5 using mean RDs of the traced spirals and circles, and 
CVs of traced circles; for Group 6, using CVs of the drawn circles and mean RDs of the traced spirals. 
2.2.6 Classification approach 
A support vector machine (SVM) algorithm was used for classification of the subjects in two groups 
(drawers and tracers). The SVM algorithm finds an optimal separating line in the data, with a 
maximum margin, to separate the two groups. SVM models are simple to implement and have the 
added advantage that the data sets do not need to present a particular class of distributions, moreover, 
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they are also flexible and allow to expand the model by adding more parameters if needed (Noble, 
2006).  
As the training data for the SVM model, a randomly generated dataset was created containing 
hypothesized cases of ideal and univocal drawers and tracers. This was done by considering normalized 
data in which maximum precision for a task is considered as 0 and minimum precision as 1. Following 
that, a series of virtual subjects (n=1,000) was randomly generated (i.e., training data), who are 
proficient in one specific task but not in the other (where proficiency is considered as values between 0 
and 0.2, non-proficiency as values between 0.8 and 1). In this study a linear kernel function was used 
for data fitting, which was cross validated 10-fold. In addition, the posterior probability was calculated 
for each subject, expressing the data as statistical probability of effectively belonging to one group or 
the other (values range from -1 to 1). The model tested on normalized data from group 4 and 6. 
 
2.3 Results 
Subjects were ranked in descending order in terms of precision (i.e., increase in CV for Drawn Circles; 
increase of mean RD for Traced Spirals) of the first performance. The Pearson coefficient revealed a 
significant correlation between the first and second drawing of circles for Group 1 (i.e., Drawn 
Circles), with an R-value of 0.96 and p-value <0.001 (Figure 2.4). The same trend was shown for 
Group 2 (i.e., Traced Spirals), with an R-value of 0.97 and p-value <0.001 (Figure 2.4). 
Group 3 (i.e., Traced Circles) also demonstrated the same trend as Groups 1 and 2 (Figure 2.4). The 
Pearson coefficient in this case was calculated in several ways. First, the CVs of the first and second 
tracings were compared, resulting in an R-value of 0.97 and p-value <0.001. Second the mean RDs of 
the first and second tracings were compared, resulting in an R-value of 0.96 and p-value <0.001. Then 
the CVs of the first tracings was compared with the mean RDs of the second tracings, resulting in an R-
value of 0.95 and p-value <0.001. Finally, the mean RDs of the first tracings was compared to the CVs 
of the second tracings, resulting in an R-value of 0.97 and p-value <0.001. Finally, the correlation 
between CVs and mean RDs for the first tracings and the CVs and mean RDs of the second tracings 
were calculated, both resulting in an R-value of 0.99 and p-value <0.001. 
For Group 4 (i.e., Drawn Circles vs Traced Circles), subjects were ranked in descending order, in terms 
of precision of the drawn circles. In this case, no correlation was found between the performances with 
R-value of 0.106 and p-value >0.05 (specifically, 0.61; Figure 2.5). 
For Group 5 (i.e., Traced Circles vs Traced Spirals), subjects were ranked in descending order in terms 
of of precision the traced spirals (i.e., increase in mean RD). When comparing the CVs with the mean 
RDs of the traced circles a very high correlation was found, with an R-value of 0.99 with a p-value 
<0.001. A significant correlation also was found between the traced circles and traced spirals when 
comparing mean RDs of the two, with an R-value of 0.91 and p-value <0.001. An even higher 
correlation was found when comparing the CVs of the traced circles with the mean RDs of the traced 
spirals, with an R-value of 0.95 and p-value <0.001 (Figure 2.6). 
For Group 6 (i.e., Drawn Circles vs Traced Spirals), subjects were ranked in descending order, in terms 
of precision of the traced spirals. In this case, similarly to Group 4, no correlation was found between 
the performances with R-value of 0.26 and p-value > 0.05 (specifically, 0.21; Figure 2.7). 
The SVM model separated the data from Group 4 and Group 6 into two groups, drawers and tracers 
(Figure 2.8), along with the posterior probability for each subject, expressing the data as statistical 
probability of effectively belonging to one group or the other (values range from -1 to 1) (Figure 2.9). 
It is possible to notice that while some subjects could be considered as ideal tracers or ideal drawers, 
there are also subjects that have an equal probability of belonging to either group. 
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Figure 2.4. Results Groups 1-3. A. The results for Group 1 (i.e., Drawn Circles) for the first (red) 
and second (grey) drawing are shown. Subjects (n = 25) are ranked in descending order in terms of 
precision (i.e., increase in CV) of the first drawing. It is possible to see a high correlation between 
the two drawings, meaning that those who were precise in the first were also precise in the second. 
B. The results for Group 2 (i.e., Traced Spirals) for the first (blue) and second (grey) tracing are 
shown. Subjects (n = 25) are ranked in descending order in terms of precision (i.e., increase in 
mean RD) of the first tracing. It is possible to see a high correlation between the two tracings, 
meaning that those who were precise in the first were also precise in the second. C. The results for 
Group 3 (i.e., Traced Circles) for the first (green) and second (grey) tracing are shown. Subjects (n 
= 25) are ranked in descending order in terms of precision (i.e., increase in CV) of the first tracing. 
It is possible to see a high correlation between the two tracings, meaning that those who were 
precise in the first were also precise in the second. 
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Figure 2.5. Results Group 4. A. Results for Group 4 (i.e., Drawn Circles vs Traced Circles; n = 
25). Subjects are ranked in descending order in terms of precision (i.e., increase in CV) of the 
drawn circles (red). Corresponding CV values of the traced circles (green) are reported. It is 
possible to see that there is no correlation (R-value of 0.11 and p-value > 0.05) between the 
precision in drawing and in tracing circles. B. Scatter plot of the results for Drawn Circles and 
Traced Circles, each dot represents a subject. 
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Figure 2.6. Results Group 5. A.  The results for Group 5 (i.e., Traced Circles vs Traced Spirals) 
are shown. Subjects (n = 25) are ranked in descending order in terms of precision (i.e., increase in 
mean RD) of the traced spiral (blue). On the right side corresponding CV values of the traced 
circles (green) are illustrated. It is possible to see a high correlation between the two tracings, 
meaning that those who were precise in tracing a spiral were also precise in tracing a circle. B. 
Scatter plot of the results for Traced Circles and Traced Circles, each dot represents a subject. 
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Figure 2.7. Results Group 6. A. Results for Group 6 (i.e., Drawn Circles vs Traced Spirals; n = 
25). Subjects are ranked in descending order in terms of precision (i.e., increase in mean RD) of 
the traced spirals (blue). On the right side are reported corresponding CV values of the drawn 
circles (red). It is possible to see that there is no correlation (R-value of 0.26 and p-value > 0.05) 
between the precision in tracing spirals and drawing circles. B. Scatter plot of the results for Traced 
Spirals and Drawn Circles, each dot represents a subject. 
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Figure 2.8. SVM Classification. The figure shows a scatter plot of pooled results from Group 4 
(Drawn Circles vs Traced Circles) and Group 6 (Drawn Circles vs Traced Spirals). Results for each 
group were normalized considering the maximum precision for each task as 0 and minimum 
precision as 1. The SVM classification divided the results into two mutually exclusive groups, 
tracers (in blue) and drawers (in red). 
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Figure 2.9. Posterior Probability and Fine Motor Control Quantification. The figure shows a 
scatter plot of pooled and results from Group 4 (Drawn Circles vs Traced Circles) and Group 6 
(Drawn Circles vs Traced Spirals). Each dot represents a subject, and the color of the dot 
represents the posterior probability of that subject as being either a tracer or a drawer (color 
gradient on the right side; values ranging from -1 to 1). As fine motor control in a task is also 
dependent on the subject’s propensity towards external or internal cueing (tracing or drawing), 
when quantifying fine motor control, these factors should be taken into consideration. This is 
illustrated by the curved lines in the figure which delimitate similar subjects, in terms of fine motor 
control, by considering the product of the precision in the two tasks. Therefore, a good tracer 
having 0.1 precision in the tracing task and 0.9 in the drawing task, would be equivalent to a good 
drawer (0.1 in drawing and 0.9 in tracing), which would also be equivalent to a non-tracer non-
drawer with 0.3 and 0.3, as 0.1 x 0.9 is equal to 0.3 x 0.3. In the figure the arrowheads indicate 
three similar cases. The orange subject is a good drawer (0.15 drawing precision * 0.61 tracing 
precision = 0.0915 effective fine motor control), the green subject is neither a drawer nor a tracer 
(0.36 drawing precision * 0.25 tracing precision = 0.09 effective fine motor control), and the blue 
subject is a good tracer (0.7 drawing precision * 0.13 tracing precision = 0.091 effective fine motor 
control). 
 
2.4 Discussion 
From this study it is possible to see that spiral tracing, circle tracing, and circle drawing provide 
reliable results for motor precision (measured as CVs for circles and as mean RDs for spirals and circle 
tracing). This is made evident by the constant relationship between tasks repetitions (high correlations 
between repetitions for Group 1, Group 2, and Group 3; Figure 2.4). The results also indicate that 
subjects who are precise in one task remain precise in said task, at least beyond the capacity of working 
memory (Siegel, 2002). This trend is to be expected considering that differences in precision were 
 24 
shown to occur for different tasks among individuals (Callaghan et al., 2002; Madison, 2004; Perlau et 
al., 1995).  
Furthermore, it is also evident by the results that drawing and tracing are, as expected, in fact different, 
as shown by the lack of correlation between tasks in Group 4 and in Group 6 (Drawn Circles vs Traced 
Circles and Drawn Circles vs Traced Spirals, respectively; Figures 2.5 and 2.7). Specifically, when we 
consider the lack of correlation in Group 4 (i.e., same shape and different task) with the high 
correlation in Group 5 (i.e., same task and different shape), it seems the the lack of correlation in Group 
6 (i.e., different shape and different task) is effectively task dependent rather than shape dependent. 
Moreover, while the comparison between drawn circles and traced circles (i.e., comparison between 
tasks for the same shape) did not reveal any correlation, it is still possible that the use of the same shape 
in the two tasks may be considered as repetition; as such, it could be subject to repetition priming or 
learning effect between trials (Patel et al., 2017; Siniscalchi et al., 2016). Also, as no indications were 
made regarding the drawn circles’ size, the use of a circle template for the tracing task could cause a 
visual conditioning of the subjects when drawing the circles (Renaux et al., 2017). Taking these factors 
into consideration, it is possible that the correlation between the two tasks may be even lower than that 
reported here. 
These results raise some interesting questions as both drawing and tracing tasks are used for evaluation 
of fine motor control (Cohen et al., 2018b; Mergl et al., 1999; Smits et al., 2018; Sülzenbrück et al., 
2011, 2010; Vuillermot et al., 2009), however, their usage appears not to be interchangeable. Though 
this may suggest that using solely one of the tasks for evaluation of fine motor control may produce 
inconsistent results, it is still not sufficient in explaining what do these tasks effectively evaluate as 
well as what could be inferred from performance differences in the two tasks.  
In an attempt to respond to these questions, we begin by noticing that, when examining the results of 
this study (specifically those of Group 4 and 6), there are certain individuals who appear to be better 
drawers than tracers and vice-versa. Let us simplify the situation by first considering a population 
consisting of either drawers or tracers, which are mutually exclusive. Let us further assume that for 
each of these groups, precision in the specific task in which they are proficient in, is a good estimator 
for fine motor control.  
Considering all that is known regarding these tasks in literature, the main difference between the tasks 
is the presence or absence of a template, or in other words the cueing (internal or external; (Flanders et 
al., 2006; Gowen and Miall, 2007, 2006; Sailer et al., 2000; Thut et al., 2000; van Donkelaar and Staub, 
2000). Applying this notion to the proposed population of drawers and tracers, we can deduce that 
drawers are more reliant on internal cueing whereas tracers are more reliant on external cueing. In 
addition, it was previously shown that drawing tasks also employ different neural areas than tracing 
tasks; in particular, a greater activation in the cerebellar crus I, pre-supplementary motor cortex, dorsal 
premotor cortex (Gowen and Miall, 2007). Conversely, the striate and extrastriate areas, as well as the 
anterior intraparietal sulcus were shown to be more active during the tracing task (Gowen and Miall, 
2007). Therefore, it would not be entirely incorrect to assume that dissimilarities in brain activity could 
account for the differences between drawers and tracers. 
At this point, the task in which the subjects are less proficient in, could not serve as a quantifier for fine 
motor control, as our a priori knowledge suggests that the performance in said task does not evaluate 
the full potential of the subject (which we know is either a drawer or a tracer); moreover, the 
performance in the less proficient task is not correlated with the performance in the other task. 
Therefore, the less proficient task must evaluate a different aspect, which could very well be the 
reliance or functioning of the weaker cueing modality. For example, precision in a drawing task for a 
tracer would quantify his reliance on internal cueing. As the reliance on the weaker cueing modality is 
already known to employ activation of different cerebral areas, the performance in less proficient task 
could also be considered as a measure of the functionality of these areas. 
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If we apply this concept to the data in this study, we first assume that certain individuals in the 
population are drawers and others are tracers, and classify the population of groups 4 and 6 in these 
terms. However, it is clear that such a net distinction is inaccurate, as not all of our cases were ideal 
drawers and tracers. To overcome this, we may examine the results of the posterior probability, which 
expresses the statistical probability of a subject as effectively belonging to one group or the other.  
When observing the data in this way (Figure 2.9), it is clear that the there are some subjects who could 
be considered as ideal drawers or ideal tracers, neither drawers or tracers, as well as intermediate cases. 
This sort of dispersion does not only have a descriptive purpose, as we have already discussed, there 
are some practical implications. In fact, more than the sole evaluation of fine motor control, the two 
tasks give also information regarding the reliance on external or internal cueing. Therefore, as fine 
motor control in a task is also dependent on the subject’s propensity towards external or internal 
cueing, evaluation of effective fine motor control must consider these factors. As such, a more accurate 
way of quantifying fine motor control would be by using the product of the precision in the tracing and 
drawing task. An example for this is shown in Figure 2.9. 
Some issues regarding this study should be mentioned. The first is the comparison between the 
measurements of Group 6 (Drawn Circles vs Traced Spirals), in which two different types of values are 
used (i.e., mean RDs and CVs). However, seeing that these values are used only to represent indicators 
of task precision, and considering the high correlation between the two types of values for the traced 
circles (i.e., mean RDs vs CVs in Group 3 and in Group 5), the use of them by extension to compare 
the correlation between precision of traced spirals (measured as mean RDs) and of drawn circles 
(measured as CVs), is justified. Also, various combinations were used to compare CVs and mean RDs 
in Group 3 (see Results), all of them revealing very high correlations. Even though the measurements 
are not equal, the differences in terms of correlation due to the use of different measurements did not 
go beyond 4% (found between CVs of Traced Circles and RDs of Traced Spirals in Group 5, see 
Results). Therefore, the use of different measurements is not expected to affect the data in this study as 
the correlations found were all sufficiently strong. 
Another issue is the exclusion of the spiral drawing task. Quantitative evaluation of spiral drawing 
presents several limitations. Considering the complexity and the different ways that exist to draw a 
spiral, it would not be possible to test the precision of the drawn spirals across subjects as it is very 
unlikely that the same shape would be drawn. While precise instructs could help reduce this variability, 
they are also not as readily understandable as those for circle drawing, rendering the spiral drawing task 
much more complex than the other conditions. The only paper to our knowledge that has quantitatively 
compared precision of drawn spirals is that of Longstaff and Heath, 2006. However, in that study, a 
spiral was presented to the subject before the trial, and furthermore, subjects performed a training 
period in order to obtain relatively comparable drawings before comparing the results to an ideal spiral. 
The addition of these constraints, while rendering possible the comparison of drawn spirals, does not 
go in line with our experimental paradigm, which seeks to avoid learning of the task. On the other 
hand, the elimination of these constraints results in a variability between shapes that would render the 
comparison meaningless. Moreover, other papers who addressed spiral “drawing” quantitatively, have 
effectively evaluated a spiral tracing task (Hoogendam et al., 2014; Miralles et al., 2006; San Luciano 
et al., 2016). Therefore, in adhering with the current literature we have limited our study to spiral 
tracing. Also, the original premise of the study was to evaluate the differences between spiral tracing 
and circle drawing. By fragmenting it to comparisons for shape and for task, and by considering the 
previous studies comparing tracing and drawing as well as externally and internally cued tasks (Bravi 
et al., 2015, 2014; Collier and Ogden, 2004; Gowen and Miall, 2007; Repp, 2011; Repp and Moseley, 
2012) it is licit to generalize our results to other shapes, in accordance with models of analytic 
generalization and case-case transfer (Firestone, 1993). As such, we may infer that spiral drawing 
would be equivalent to circle drawing, considering that our results suggest that ranking in terms of 
precision is task dependent and not shape dependent. 
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It should be also noted that this study was concentrated only on differences in terms of precision 
between the tasks. In light of the results, we believe that some differences in the strategy employed for 
each task (e.g., speed-accuracy trade-off, pen pressure during execution, posture, etc.) may also exist. 
Though it would be interesting to examine the differences between the subjects and groups from a 
biomechanics point of view, it goes beyond the scope of the present study. 
 
2.5 Conclusions 
In this study we have shown that there is no correlation between precision in a drawing task compared 
to a tracing task. Further, we have demonstrated that the lack of correlation between the two is 
effectively task dependent and not shape dependent. We argue that evaluating fine motor control by 
using a single task may produce inconsistent results. To overcome this limitation, we suggest that the 
evaluation of fine motor control should include both a tracing and a drawing task, taking in 
consideration the precision in each task separately and in combination. This study also demonstrates 
that there is no difference in precision between tracing of circles and of spirals. Therefore, for a 
widespread implementation, we suggest that fine motor control evaluation would be better tested by 
using circle drawing and circle tracing tasks. In both tasks it is possible to use the same measurement 
(i.e., CV), which is already independent of other factors (such as size of circle, and number of points 
etc.). This way, results from different studies could be more readily compared. We believe that the 
approach presented here could help not only evaluate fine motor control more accurately, but also 
identify subjects who are more reliant on either internal or external cueing and to what extent. Using 
this knowledge, it would be possible to tailor specific strategies in both clinical and professional 
settings, dependent on subjects reliance on a specific modality of cueing, to improve fine motor 
control. 
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3 Development of Fine Motor Control Components in Elementary 
School Children: Assessment Using Precision in Drawing and 
Tracing Tasks 
2 
Abstract. Fine motor control is fundamental for our interaction with the world. As such, 
adequately quantifying fine motor control is imperative for the understanding of both the 
individual level of mastery as well as development of motor behavior. Recently, we have shown 
that using different tasks to evaluate fine motor control may produce different results, suggesting 
that measures for fine motor control are multiple and carry different significance. Specifically, the 
drawing tasks may be indicative for internal cueing reliance, whereas tracing tasks for external 
cueing. To better understand how subject develop a certain preference for cueing, we have 
evaluated fine motor control by measuring precision in both a circle tracing and a circle drawing 
task on 265 typically developing children ages 6-11. Our results first, confirm that the lack of 
correlation between performances in tracing and drawing task also exists during development. 
Furthermore, we display that the most significant improvement during this period of development 
is that of tracing, whereas drawing improved only moderately. Specifically for tracing, most 
significant differences were found between the 2nd and 3rd grades, followed by between the 4th and 
5th grades. Results for tracing appear to be in line with previous developmental patterns described 
for handwriting. Furthermore, in light of the differences between drawing and tracing we discuss 
the potential role of attentional focus as well as cognitive development as possible influencing 
factor that may account for the different developmental patterns found in this study. We conclude 
that using a drawing and tracing task for fine motor control evaluation, by being rapid, economic 
and simple, may be a valuable tool for monitoring development in elementary school children.   
 
3.1 Introduction 
During development, the nervous system is under a continuous modification and maturation, as such 
the adequate quantification of various functional components is imperative. For motor control 
specifically, many motor proficiency evaluation tests were introduced (Beery and Beery, 2010; 
Bruininks and Bruininks, 2005; Folio and Fewell, 2000; Henderson et al., 2007; Piper et al., 1992; 
Russell et al., 2013). Out of these test, only the Bruininks-Oseretsky Test of Motor Proficiency (BOT-
2; Bruininks and Bruininks 2005) and the Movement Assessment Battery for Children (Movement 
ABC-2; Henderson et al. 2007) are specifically oriented toward typically developing children of 
scholastic ages. While these tests examine both fine and gross motor skills, their administration is quite 
lengthy (20-40 min for the Movement ABC-2 and 45-60 min for BOT-2; Matheis and Estabillo, 2018). 
Furthermore, these are all commercial tools and, as such, do not come without a cost, consequently, a 
wide spread implementation is quite cumbersome. 
                                                            
Cohen EJ, Bravi R, Minciacchi D (2019) Development of Fine Motor Control Components in Elementary School Children: 
Assessment Using Precision in Drawing and Tracing Tasks. Under Review 
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A commonly used approach for the examination of fine motor control is represented by the 
employment of drawing and tracing tasks (Cohen et al., 2018b; Gatouillat et al., 2017; Smits et al., 
2018; Sülzenbrück et al., 2011; Vuillermot et al., 2009). These tasks, due to their simplicity do not 
require any prior preparation and are administered relatively quick. However, as recently evidenced, 
while both tasks are considered as estimators for fine motor control, there is no correlation between the 
two (Cohen et al., 2018a). In an attempt to explain the differences, the authors have suggested that 
subjects may have a different level on reliance on external or internal cueing with some subjects 
favoring the former or the latter. 
It should be noted that during development, drawing and tracing tasks can be considered as skills under 
development and, therefore, may indeed be controlled differently compared with adults. In fact, adult 
handwriting, by being subject to years of practice and repetition, becomes automatic requiring minimal 
attentional control (Tucha et al., 2008). Children’s handwriting on the other hand, not only is not 
automated but is also subject to immense changes, most significant occurring between ages 7 and 10 
years, transitioning from visual feedback based control to stable motor representations (Palmis et al., 
2017; Rueckriegel et al., 2008). Though handwriting is considered to be a more elaborate task than 
drawing of simple shapes (Rueckriegel et al., 2008), it does provide insight to potential differences in 
motor control during these stages of development. Not surprisingly, correlations were found between 
drawing and handwriting proficiency in children (Bonoti et al., 2005). Therefore, it is possible that 
during development individuals cueing reliance may be different than that reported in adult 
performances. 
In this study we have investigated the use of drawing and tracing tasks to evaluate development of fine 
motor control in elementary school children. Specifically, we examine the precision in a circle drawing 
task compared to a circle tracing task. We assume that, similarly to adult subjects, no correlation would 
be found between the proficiency in drawing and in tracing. Furthermore, considering the gradual 
maturation of the nervous system during development, we expect to find a gradual improvement for 
both tracing and drawing across ages. Finally, we examine the eventual differences that may be present 
between tracing and drawing proficiency across ages. 
 
3.2 Materials and Methods 
3.2.1 Participants 
265 elementary school students, ages 6-11 (138 males), were recruited for this study. 1st grade (n=73; 
38 males, 35 females; 10 left handed), 2nd grade (n=45; 24 males, 21 females; 4 left handed), 3rd grade 
(n=64; 35 males, 29 females; 8 left handed), 4th grade (n=35; 20 males 15 females; 5 left handed), 5th 
grade (n=48; 21 males, 27 females; 3 left handed). Participants were naive to the task and the purpose 
of the study, and free of documented visual, motor, and neurological impairments. All subjects reported 
to have a corrected-to-normal visual acuity. All subjects reported to not have any previous experience 
in using a graphic pen tablet. The study protocol was approved by the Institutional Ethics Committee 
(Comitato Etico Area Vasta Centro AOUCareggi, Florence, Italy). Prior to the start of the experimental 
procedures, the parents/guardians of each child provided informed consent for their child to participate. 
The director of the school also signed an agreement that formally allowed the children to be tested in 
the school. The study protocol and all procedures conformed to the code of ethics of the Declaration of 
Helsinki.  
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3.2.2 Set up and Task 
The set up in this study is very similar as the one used in Cohen and colleagues (2018a) and is here 
briefly summarized. The participants executed both tracings and drawings, projected on a monitor, 
while seated without the support of either wrist, arm, or elbow, in such a way that the only contact with 
the tablet was made through the pen (Figure 3.1). All tasks were performed using graphic pen tablet 
(Wacom Intuos® CTH-690AK, Tokyo, Japan; active area: 216 × 135 mm). Each participant was tested 
individually. 
 
 
Figure 3.1. Setup. Diagram illustrating the experimental setup. Each subject was seated in front of 
a monitor set to eye level. Each subject performed both a drawing of a circle as well as a tracing of 
a circle; the order was randomized across subjects so as to obtain an equal number of subjects that 
started with the first or the latter. Between the trials, a minute interval was introduced. The subjects 
executed either tracing or drawing of a circle, while seated without the support of either wrist, arm, 
or elbow, in such a way that the only contact with the tablet was made through the pen. 
 
For all tasks we have specified to trace or draw the circles counterclockwise starting from 12 o’clock as 
precisely as possible with no regard to the speed of execution. Before starting the task, each subject 
was asked whether the instructions were understood. Each subject performed both a drawing of a circle 
as well as a tracing of a circle, the order was randomized across subjects so as to obtain an equal 
number of subjects that started with the first or the latter. A minute interval was present between the 
two tasks.  
3.2.3 Analysis 
Using Matlab, we have developed an algorithm to measure the accuracy of the drawn circles. The 
algorithm consisted of first finding the centroid of the drawn shape. This was achieved by taking the 
mean value of all x and y coordinates, the result of which would provide a reference center. From the 
reference center, points were organized according to their angle and were then reduced to 360 points, 
having one point per degree This was done in order to reduce the sensitivity to the way the shape was 
drawn (e.g., parts drawn slower will result in more points). After the point reduction, the mean value of 
all x and y coordinates were calculated on the remaining point, and the result was considered as the 
center of the circle. Following that, the distance of each point (prior to the reduction) of the drawing 
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from the center was calculated. These distances were considered as the radii for the drawn circle, the 
mean value of which would result as the radius of the corresponding perfect circle. Seeing that no 
indication was provided regarding the size of the circle, the coefficient of variation (CV) of the radii 
was considered as a measure of the precision of the drawn circle, bearing in mind that for a perfect 
circle the variability would be zero. The same algorithm was used also for CV analysis of the traced 
circles. 
3.2.4 Statistics 
In order to evaluate whether a correlation exists between performances in terms of precision, the 
Pearson correlation coefficient was used on CVs for circle drawing and tracings. To evaluate eventual 
differences between school grades a two tailed t-test was used comparing every combination of grades 
for both tracing and drawing separately. To evaluate potential differences between males and females, 
a two tailed t-test was used on the performances drawing and tracing separately, for each grade.  
 
3.3 Results 
The Pearson correlation coefficient revealed a significant correlation between performances in circle 
tracing and drawing only for the 1st grade. Specifically, for the first grade R-value was 0.42 p-
value<0.001. For the other grades, no significant correlations between the performances were found. 
For 2nd grade R-value was 0.15 (p=0.29), 3rd grade R-value was 0.12 (p=0.32), 4th grade R-value was -
0.17 (p=0.32), and for the 5th grade R-value was 0.06 (p=0.67). 
Data dispersion within grades was progressively reduced with age for both tracing and drawing. 
However, while this reduction is quite evident for tracing, dispersion of drawing precision reduces only 
moderately (Figure 3.2). Interestingly, data dispersion does not align with the adult level of dispersion 
(reported by Cohen et al., 2018a, based on 125 observations), although it appears that certain subjects 
(some as young as 1st graders) already reach adult level performances for either tracing or drawing or 
both. 
CVs in both drawing and tracing showed a gradual reduction with age. Specifically, for the 1st grade, 
drawing precision averaged 0.22±0.09, gradually reducing to 0.16±0.07 by the 5th grade. A similar yet 
more prominent trend was revealed for tracing precision with an average CV of 0.17±0.12 measured 
for the 1st grade, gradually reducing to 0.05±0.02 by the 5th grade (Figure 3.3, 3.4). Comparisons of the 
performances according to between grades are reported in Figure 3.5. It is possible to note, that while 
for drawing, no significant differences occur between consecutive grades (e.g., 1st compared to 2nd, 2nd 
compared to 3rd, etc.), for tracing significant differences were found between the 2nd and 3rd grades 
(p<0.001), as well as between the 4th and 5th grade (p<0.05). 
To examine eventual differences between sexes, a two-tailed t-test was implemented individually for 
each grade comparing each parameter separately. For the 1st grade, no significant differences were 
found between males and females for tracing (p=0.59) or drawing (p=0.29). For the 2nd grade, no 
differences were found for tracing (p=0.26) or drawing (p=0.21). For the 3rd grade, no differences were 
found for tracing (p=0.79) or drawing (p=0.82). For the 4th grade, no significant differences were found 
for tracing (p=0.24) or for drawing (p=0.57). For the 5th grade, no significant differences were found 
for tracing (p=0.73) or for drawing (p=0.21). 
Laterality results revealed no significant differences for the first grade (drawing p=0.956, tracing 
p=0.857) as well as for the third grade (drawing p=0.407, tracing p=0.292) and for the fourth grade 
(drawing p=0.690, tracing p=0.128). Laterality differences were not evaluated for the second and fifth 
grades due to the small number of left handed subjects in those groups. 
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Figure 3.2. Data Dispersion. Illustration of the CV data dispersion for both tracing and drawing 
tasks per grade. Each colored area encloses all of the performances related to a specific grade. It is 
possible to note that while there is a gradual reduction in dispersion for tracing precision across 
grades, reduction in dispersion for drawing precision is very moderate. Moreover, it is evident that 
some subjects, across all grades, already achieve adult level of performance (red region; as 
reported in Cohen et al., 2018a). 
 
 
Figure 3.3. Results drawing and tracing precision. Results for drawing and tracing precision are 
reported as mean CV per grade (dot) and SDs (line). It is possible to see that performances 
gradually improve both for drawing and for tracing. Moreover, improvement in tracing is much 
more prominent compared to drawing as evidenced by both bigger reductions in means CV as well 
as SDs. Greatest improvement appears to occur between the 2nd and the 3rd grades. 
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Figure 3.4. Boxplots drawing and tracing precision. Results for drawing and tracing precision 
are reported. The upper panel represent the CV’s results for each grade for tracing (T) and drawing 
(D) separately. The lower panel shows the overall pooled results (i.e., CV) for tracing and drawing. 
It is possible to see that performances gradually improve both for drawing and for tracing, with a 
much more prominent improvement for tracing. 
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Figure 3.5. Comparison between grade performances. The figure reports the p-values obtained 
from different comparisons between the grades. The background corresponds to performances in 
tracing (yellow) and drawing (purple). It is possible to see that for serial comparisons (i.e., 1st vs 
2nd grade, 2nd vs 3rd grade, etc.) most significant differences for tracing were found between the 
2nd and the 3rd grade, followed by between the 4th and the 5th grade. For drawing on the other 
hand, no significant differences were found for serial comparisons, though when investigated other 
combinations, significant differences are found between the 1st grade and the 3rd, 4th, and 5th 
grades and between the 2nd and the 5th grade, most significant between the 1st and the 5th grade. 
 
3.4 Discussion 
This study was concentrated on the investigation of the development of drawing and tracing skills in 
children. With the exception of the first grade, no correlation was found between the proficiency in 
drawing and in tracing. As expected, we observed an improvement for both tracing and drawing across 
ages. Most prominent differences were found between the 2nd (ages 7-8) and the 3rd (ages 8-9) grade for 
tracing, followed by between the 4th (ages 9-10) and the 5th (ages 10-11) grade, again for tracing. For 
drawing, significant differences were found when comparing the 5th grade with the 1st and 2nd grades, 
suggesting that improvement in learning is more gradual compared to tracing. Finally, no differences 
were found between males and females, confirming previous findings in simple drawing tasks (Blank 
et al., 1999).  
The presence of a moderate correlation in the first grade could indicate that, for children of this age, 
components of the motor system are still relatively limited. Therefore, the presence of a template or 
not, though may still induce different cognitive processes, is limited by the output of a still immature 
 34 
system. In fact, it is known that the corticospinal tract, fundamental for movement execution, 
undergoes a rapid maturation process up to the age of 10, with more rapid changes the smaller the age 
is (Fietzek et al., 2000; Müller et al., 1991). Also, evidence from corticospinal tracts lesions illustrate 
the importance of its integrity for movement dexterity (Bleyenheuft et al., 2007; Duque, 2003). 
Therefore, considering the maturation pattern of the corticospinal tract, it is very likely that the younger 
subjects included in this study may be more limited in their motor output. In addition, it is known that 
writing control from ages 5-7 is characterized by the shift from an inability to use sensory feedback to a 
control mainly based on visual feedback (Palmis et al., 2017). The 1st grade in this study included 
children between the ages of 6-7, falling exactly within the period of shifting toward a more visual 
oriented control. As such, it is possible that the moderate correlation present between tracing and 
drawing, could be due to the fact that while some children have become more visually reliant, others 
still did not. In the case of the latter, the differences in the presentation of template are not expected to 
affect the motor output. 
Interestingly, improvement in tracing was relatively rapid compared to drawing. The improvement 
pattern for tracing across the grade fits very well with previously reported results for handwriting in 
children. Specifically, great differences are to be expected from the age of 7 to the age of 10, a period 
which is believed to represent a turning point toward a more concrete motor representation of 
movement, less reliant on visual feedback (Palmis et al., 2017). In accordance, our study revealed the 
most significant differences between the 2nd (ages 7-8) and the 3rd (ages 8-9), followed by 4th (ages 9-
10) and the 5th (ages 10-11) grade. This, however, does not explain the only moderate improvement 
found for drawing.  
Though both tracing and drawing utilize the same effectors, the cardinal difference between drawing 
and tracing is the presence of a template. Since any deviation from the template is readily evidenced 
when a template is present, it could favor external focus (i.e., on the movement effect) during the 
performance, a factor known to improve performance (Marchant, 2010; Wulf, 2007a; Wulf and 
Lewthwaite, 2010). In fact, it was argued the mere presence of a target during dart throwing could 
facilitate external focus (Marchant et al., 2007; Wulf, 2013). It should be noted that when tasks are 
more automatic in nature or relatively simple, the clear benefit of external focus may not be readily 
observable (Wulf 2013). This may explain why the effect was less prominent in adult findings (Cohen 
et al., 2018a) who are likely to have a more automatic control when using writing instruments. 
However, the lack of automatic processes does not guarantee employment of external focus. It was 
shown that different skill levels benefit differently from internal and external focus, with the less 
skilled subjects adopting the former (Castaneda and Gray, 2007). In addition, it was argued that when 
automatic processes are lacking, for example in novice performers, a more conscious control might be 
necessary in order to avoid gross performance errors (Kal et al., 2015). Therefore, drawing 
performances, by both lacking a visual anchor along with undeveloped automatic processes, are likely 
to cause a shift attention toward a more internal focus. As internal focus is known to cause only 
moderate improvement compared to external focus (Wulf, 2007a), it should be expected that drawing 
performances would improve more gradually. 
It should be considered that beyond the possible contribution of external focus, there could be other 
factors that may cause the trend observed for tracing. In fact, internally and externally driven 
movements are thought to involve different brain areas. While for internally cued movements the basal 
ganglia are thought to play a prominent role, for externally cued the cerebellum is considered to be an 
important component (van Donkelaar et al., 1999; van Donkelaar and Staub, 2000). More recently, 
greater involvement of supplementary motor area was found for internally guided tasks, whereas 
compared to greater premotor cortex involvement during visually guided tasks (Mushiake et al., 1991). 
Surprisingly, when cerebral activation patterns for drawing and tracing tasks were compared, basal 
ganglia and cerebellar activity did not differentiate tracing from drawing in the expected manner, 
furthermore, drawing appeared to recruit areas more associated with cognitively demanding tasks, 
attention and memory (Gowen and Miall, 2007). Therefore, since regional differences in brain 
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maturation patterns are known to occur (Toga et al., 2006), specifically, areas related with more 
advanced functions mature later (some in late adolescence) than those related to more basic functions 
(Gogtay et al., 2004), it is possible that the later maturation of areas more involved in drawing 
compared to tracing could account for the differences observed between the two. 
Though no significant differences were found between right handed and left handed individuals, 
asymmetry in performance is known to occur in goal directed movements. Specifically, less strong left 
handed individuals, measured as low scores in the Edinburgh Handedness Inventory (Oldfield, 1971), 
may present more learning, and consequently a better performance, using their dominant hand 
compared to strong left handed individuals (McGrath and Kantak, 2016). However, this latter study 
was concerned with adult subjects, which may be subject lifetime of manipulation and adaptation of 
right-handed instruments which are much more commonplace than specific left handed-instruments 
(Flatt, 2008). Since this sort of adaptation is the product of experience, children may possess a much 
less biased motor biography. In fact, it is known that young children display a weak and inconsistent 
hand preference which becomes more consistent with age, reaching adult like pattern of handedness 
between the ages of 10 and 12 years, presumably due to both experience and cognitive maturity 
(Scharoun and Bryden, 2014). The study presented here was focused mostly on a providing a 
panoramic view of motor control in children which is easily quantified, however, future studies would 
certainly benefit from focusing also on handedness and controlling for factors such as experience and 
cognitive maturity. 
It is important to consider that though as a group performances did non align with adult performance, 
still some subjects do reach adult level of performance (some even as early as the first grade). These 
individual differences may be due to other factors that were not considered in this study, for example 
intelligence quotient (Smits-Engelsman and Hill, 2012), socioeconomic status (Klein et al., 2016), 
specific training (Costa-Giomi, 2005), etc., all of which may indeed influence motor abilities. Though 
this represents a limitation for this study, the results provided here still paint a very clear and congruent 
image of the developmental patterns for components of fine motor control. 
 
3.5 Conclusions 
Assessing fine motor control during development is important for both asserting normal developmental 
pattern as well as identifying delays or incongruent development. In this study we have shown that fine 
motor control could be reliably quantified in school age children using very simple tasks of drawing 
and tracing. Furthermore, while the results for tracing align with previous findings regarding 
developmental patterns, those for drawing provide additional insights regarding the development of 
internally driven movements in children. Though this approach may not substitute a thorough 
examination of motor skills during development, we believe that, by being both simple and economic 
(time and financial wise), renders it very suitable for a widespread implementation and population 
screening. 
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4 The effect of fidget spinners on fine motor control  
3 
Abstract. Fidgeting, defined as the generation of small movements through nervousness or 
impatience, is one of cardinal characteristic of ADHD. While fidgeting is, by definition, a motor 
experience still nothing is known about the effects of fidgeting on motor control. Some forms of 
fidgeting involve also the manipulation of external objects which, through repetition, may become 
automatic and second nature. Both repetition and practice are important for the acquisition of 
motor skills and, therefore, it is plausible that the repetitive manipulation of objects may influence 
motor control and performance. As such, fidget spinners, by being diffuse and prone to repetitive 
usage, may represent interesting tool for improving motor control. In this study we examine the 
effect of fidget spinners on fine motor control, evaluated by a spiral-tracing task. We show that the 
use of fidget spinner indeed seems to have a favorable effect on fine motor control, at least in the 
short term, although this effect does not seem to be in any way inherent to fidget spinners 
themselves as much as to object manipulation in general. However, due to their widespread usage, 
fidget spinner may have the advantage of being an enjoyable means for improving fine motor 
control. 
 
4.1 Introduction 
Fidget spinners are increasing in popularity and, as such, ambiguities regarding their possible effects 
are emerging. The mechanism behind the spinners is relatively simple. As any spinning apparatus, 
fidget spinners rotate around a central axis, formed by two rings. By using a ball bearing mechanism 
instead of simple sliding between the rings, friction may be reduced significantly during rotation. In 
order to further increase the duration of the rotation, fidget spinners are equipped with three wings (for 
most spinners) bearing weight distributed equally from the center. This allows to increase the moment 
of inertia of the spinner and, when an external force (or torque) is applied, results in a rotation that may 
last for a few minutes (Figure 4.1). Also, by having the wings distant from the center of rotation, as for 
any lever-based system, less force is needed to induce a sustained rotation.  
It is somewhat surprising that such a simple toy is subject to such a huge controversy, anecdotally as 
shown by social media. This controversy stems from the fact that fidget spinners are being currently 
marketed as devices that may help in increasing focus and attention, as well as general stress relievers. 
While some support these claims, e.g., (Isbister, 2017), other believe that fidget spinners are just a toy 
and, as such, do not possess any beneficial potential, e.g., (Calfas, 2017). Also, fidget spinners are 
considered to be a source of distraction in classrooms and are currently being banned in some schools 
throughout the United States (Calfas, 2017; Isbister, 2017). Either way, these anecdotal beneficial 
claims regarding the spinners have rendered them an attractive mean for children suffering from 
ADHD and autism, as well as “focus enhancing” devices to the general population. 
It should be mentioned however that, though anecdotal, these claims are not completely devoid of a 
scientific base as hyperactivity is often associated with some form of fidgeting and restlessness 
(American Psychiatric Association, 2013). Therefore, the assumption that an external device may in 
some way attenuate hyperactivity and, consequently, maintain the attention seems reasonable. In fact, 
there are a few studies that have investigated the relationship between attention and fidgeting. Carriere 
and colleagues (Carriere et al., 2013), have investigated the relationship between fidgeting and mind 
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wandering (i.e., presence of thoughts unrelated to the current task or decoupled from the external 
environment; (Xu et al., 2017), finding a strong association between the two, with increase in fidgeting 
behavior as attention decreases. They have concluded with the hypothesis that fidgeting increases the 
moment mind wandering takes place. Also, an earlier study found that when questioned, students 
believe that fidgeting is one of the strongest indicators for reduced attention (Gligoric et al., 2012). 
Therefore, a close relationship seems to exist between fidgeting and attention, which was shown to be a 
function of time (Farley et al., 2013).  
 
 
Figure 4.1. A diagram of Fidget Spinner and grip. In the upper panel it is possible to see the 
components of the fidget spinner, including the ball-bearing mechanism formed by the two rings 
interposed by ceramic balls, held together by a retainer. The bottom panel illustrates the way that 
the fidget spinner was asked to be held during the experiment, with the index and third fingers at 
the top and thumb at the bottom. 
 
More recent studies have further investigated the relationship between fidgeting and attention, trying to 
evaluate whether fidgeting in itself may modulate attention or only represents a manifestation of its 
reduction. In fact, fidgeting appears to play a role when cognitive tasks are to be performed. In two 
separate studies, children with hyperactivity were asked to perform cognitive tasks while their level of 
activity was being monitored (Hartanto et al., 2016; Sarver et al., 2015). In both studies, a positive 
correlation was found between the level of activity and task performance, suggesting that fidgeting 
plays a role in maintaining attention, in hyperactive children but not in typically developed children. In 
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fact, these studies suggested that fidgeting may represent a compensatory mechanism for modulating 
attention and alertness, as well as augmenting CNS arousal during challenging tasks. This hypothesis is 
based on a model of ADHD according to which individuals have exhibit a decreased tonic firing of the 
locus coeruleus-norepinephrine system, which would result in decreased cortical arousal and poor 
attention performance (Howells et al., 2012). Under this view, an increase in activity, such as fidgeting, 
in individuals with ADHD may stimulate the system and, consequently, increase arousal (Dishman, 
1997; Hartanto et al., 2016; Rapport et al., 2009). Optimal arousal levels were shown to be necessary to 
maintain attention, and it was suggested that under attentional demanding conditions the level of 
stimulation could be modulated to optimize cortical excitability (Fischer et al., 2008).  Further 
supporting the hypothesis that fidgeting could indeed represent a mechanism employed by individual 
with ADHD for maintaining attention by optimizing the level of arousal. 
While fidgeting is characterized as the generation of small movements, many forms of fidgeting 
involve also the manipulation of external objects and seem to represent an important part of our day-to-
day lives. As such, studies relative to fidgeting with objects like stress balls (Stalvey and Brasell, 
2006), and doodling (Andrade, 2010) have emerged, further demonstrating the positive effect of 
fidgeting on both attention and concentration. In fact, the benefit of fidgeting activities has led to the 
design of workspaces for human-computer-interface with enough stimuli to favor fidgeting and, 
therefore, maintain attention while working (Karlesky and Isbister, 2016). 
It should be mentioned that fidgeting was suggested to have also a stress-based origin, as most of the 
settings in which fidgeting was studied (i.e., those requiring sustained attention) may also be 
interpreted as stressful (Farley et al., 2013). Moreover, in some people fidgeting appears to mediate the 
experience of perceived stress (Mohiyeddini et al., 2013; Mohiyeddini and Semple, 2013). According 
to this view, fidgeting, intended as a manifestation of stress, would be expected to reduce performance 
in cognitive tasks (Farley et al., 2013). However, this assumption remains as only a speculation for the 
moment. 
When it comes to fidget spinners specifically, it is therefore plausible to assume that the manipulation 
of these toys may indeed help to increase concentration and attention. However, this is not necessarily 
achieved by merit of some intrinsic property the spinners themselves as fidgeting, in general, may have 
this beneficial effect. A different aspect of the spinners may be even more intriguing, seeing that their 
manipulation requires some level of control and coordination, especially when attempting to balance 
them as demonstrated by social media. Also, it is known that games in general, and specifically those 
requiring fine manipulation (e.g., video games), may improve coordination, precision and dexterity 
(Borecki et al., 2013; Latham et al., 2013). As such, a plausible assumption is that the same may also 
be accomplished by fidget spinners. Especially when considered that repeated usage of these fidget 
spinners may render their manipulation automatic. The same as in practice, where the performance of a 
task eventually becomes second nature as a function of practice. It is well established that practice 
improves motor performance both in a task specific manner as well as by means of skill transfer (i.e., 
practice of certain type of task, may improve performance in different tasks that rely on the same type 
of control) (Schmidt and Lee, 2013). Therefore, fidget spinner manipulation may enhance fine motor 
control and, seeing that these objects are widely used, they have an added value of improving motor 
control in a population-based manner. Also, fidget spinners are generally perceived as an enjoyable 
pastime and thus, adherence is more likely. 
It is evident that the spinners possess also some vibratory component to them, which we quantified 
according to Discrete Fourier Transform magnitude showing the principal component at a frequency of 
about 10 Hz (although magnitude is likely to vary between different spinners, see Methods). There are 
various studies that demonstrate that vibration may also affect motor control, e.g., (Ritzmann et al., 
2014). Taken together, perhaps the combination of these factors, repeated manipulation and vibration, 
may in fact be favorable for promoting precision in fine motor control. 
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4.2 Materials and Methods 
4.2.1 Participants 
Eighty-one healthy adults were recruited for this study (age: 23.51±2.47 years; 29 males). All 
participants were right handed (83.64±13.91; laterality score from the Edinburgh Handedness 
Inventory (Oldfield, 1971)); they were naive to the task and the purpose of the study. All participants 
were free of documented visual, motor, neurological impairments. The participants were university 
students who volunteered for the study. Participants were not paid for their participation. The study 
protocol was approved by the Institutional Ethics Committee (Comitato Etico Area Vasta Centro 
AOUCareggi, Florence, Italy; Prot. N. 2015/0018234, Rif. 63/12) and all procedures conformed to the 
code of ethics of the Declaration of Helsinki. All participants gave written informed consent. 
4.2.2 Task and Set up 
Fine motor control can be tested with spiral drawing that offers a reliable -on the fly- measurement; in 
addition, by digitizing the procedure, a quantitative objective assessment may be obtained, 
(Hoogendam et al., 2014; Longstaff and Heath, 2006; Miralles et al., 2006; San Luciano et al., 2016; 
Sisti et al., 2017). As a quantitative measure, we used a spiral-tracing task to assess for fine motor 
control before and after using a fidget spinner (i.e., Fidget group), and compared these results to those 
obtained from a Sham and Control groups (Figure 4.2). 
 
Figure 4.2. Experimental design. The upper panel illustrates the experimental design for this 
study. All participants were initially asked to trace a spiral (i.e., Before trial). After the first tracing, 
participants were divided into one of the three groups: Fidget, Sham or Control, and were asked to 
either rotate the spinner (i.e., Fidget group), hold the spinner (i.e., Sham group) or do nothing (i.e., 
Control group), for one minute, followed by a second tracing of the spiral (i.e., After trial). The 
bottom panel illustrates the working station used for the tracing. The graphic pen tablet was placed 
in front of the screen, and the participants were asked to trace the spiral, while seated, without the 
support of either wrist, arm, or elbow, in such a way that the only contact was made through the 
pen on the tablet. 
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Each participant was tested individually. Participants were randomly assigned to either a Control, Sham 
or Fidget group (27 participants per group; Fidget -10 males, Sham -8 males, Control -11 males). 
Before and after each trial, participants were asked to trace a spiral, beginning from the center and 
going outward, using graphic pen tablet (Wacom Intuos® CTH-690AK, Tokyo, Japan; active area: 216 
x 135 mm; Figure 4.2). 
To exclude performance differences between genders, the results of the tracings were evaluated by 
using an unpaired two sample t-test, not revealing any significant differences between genders, 
independently of group, for both first and second tracings, and also within groups for the second 
tracing.  
The spiral templates were designed for a medial to lateral performance of the dominant hand (e.g., 
counter-clockwise for the right hand). The participants were instructed to trace the spiral while seated 
without the support of either wrist, arm, or elbow, in such a way that the only contact was made 
through the pen on the tablet (Figure 4.2). We also specified to trace the spirals as precisely as possible 
with no regard to the speed of execution. 
For the Fidget group, the trial consisted of rotating the fidget spinner, placed in the dominant hand. 
Participants were asked to hold the spinner with their thumb, index and third finger and to maintain the 
spinner horizontal to ground in such a way that the thumb placed at the bottom, and the index and third 
finger placed at the top of the spinner (Figure 4.1). The reason for maintaining this horizontal position 
is that this way gravitational forces are equally distributed through the wings of the spinner. Once 
rotation was initiated, participants were asked to maintain this position for one minute, timed by a 
stopwatch. For the Sham group, participants were asked to hold the spinner in the same way as for the 
Fidget group without inducing a rotation and to maintain this position for one minute. For the Control 
group, participants were asked to do nothing for one minute. 
4.2.3 Analysis 
We have developed an algorithm using Matlab for spiral analysis. The algorithm consists of serial 
angle-based calculation of the traced spiral deviations from the template. Points of the tracing (n = 
6,643 per traced spiral, normalized to the size of the template) were organized both according to their 
distance from the spiral center as well as according to the angle. For each point the residual difference 
between the tracing and the template was measured, considering the template as the expected value 
(Figure 4.3). Since we are interested only in deviations from the template, residual differences were 
considered as absolute values. For each tracing the mean residual difference and total area of deviation 
(considered as the area between the template and the drawn spiral) were calculated. 
Quantification of the fidget spinner vibratory component was made with an accelerometer (ADXL330, 
Analog Devices Inc., Norwood, MA, USA), sensor output was acquired and digitized at 200 Hz 
through PCI-6071E (12-Bit E Series Multifunction DAQ, National Instruments, Austin, TX, USA) and 
analyzed with Matlab according to Discrete Fourier Transform. 
4.2.4 Statistics 
The mean and standard deviation, per group and per trial, were calculated for both mean residual 
difference (RD) and total area of deviation. A two-way ANOVA was implemented to evaluate the 
differences, in mean RD and total area, both between groups (i.e., factor 1: Fidget, Sham, and Control) 
and between trials (i.e., factor 2: Before and After trials). ANOVA analyses were followed by a 
Bonferroni post-hoc test to confirm the significance of the differences between groups and between 
trials. Furthermore, the root-mean-square standardized effect, namely Ψ, was calculated as the effect 
size estimator for ANOVA analysis, which was used as the effect size for power analysis calculation 
(Steiger, 2004). Statistical power was calculated using G*power 3.1.9 with an α value of 0.05 (Faul et 
al., 2007). 
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Figure 4.3. Spiral analysis. An example of how the spirals were analyzed. In the left panel, it is 
possible to see three spirals that correspond to the template (blue), tracing in the Before trial (red), 
and tracing in the After trial (green). It should be noted that the first tracing was not visible to the 
participant during the second tracing. In the right panel it is possible to see the differences between 
the tracings more clearly, with the template corresponding to zero, and the tracings as deviations 
from the template. In this example it is possible to see an improvement in the After trial (green) 
compared to the Before trial (red). The participant in this case was part of the Fidget group, with a 
mean RD of 0.13 cm and a total area of deviation of 3.14 cm2 in the Before trial and 0.09 cm and 
2.19 cm2 in the After trial. 
 
4.3 Results 
Based on both mean residual difference (RD) and total area of deviation from the template (Figure 4.3), 
there seems to be a general improvement in the After trial for both Fidget and Sham groups but not for 
the Control group (Figure 4.4). For the Fidget group, mean RD improved from 0.22±0.08 cm to 
0.16±0.05 cm; total area from 5.22±1.95 cm2 to 3.84±1.27 cm2. For the Sham group, mean RD 
improved from 0.20±0.07 cm to 0.16±0.04 cm; total area from 4.85±1.78 cm2 to 3.85±1.12 cm2. For 
the Control group no improvement was found, with mean RD of 0.19±0.07 cm Before and 0.21±0.06 
cm After; total area measured 4.60±1.66 cm2 and 4.92±1.49 cm2, respectively. 
ANOVA analyses preformed on both mean RD and total area of deviation confirmed a significant 
difference between trials (i.e., factor 2: Before and After; F-values: 7.37 for mean RD and 7.71 for total 
area, d.f.:1), with p-values of 0.007 (for mean RD) and 0.006 (for total area). Specifically, the within 
group results for both Fidget and Sham groups were found to be statistically significant for both mean 
RD (p-values of 0.001 and 0.026, respectively) and total area of deviation (p-values of 0.001 and 0.020, 
respectively). These results were also confirmed by the Bonferroni post-hoc test. Contrary, the within 
group results for the Control group were not found to be significantly different between trials (p-values 
of 0.455 for mean RD and 0.458 for total area; Figure 4.4). 
When analyzing the results between groups (i.e., factor 1), no differences between groups were found 
for the Before trial (i.e., first tracing), with p-values all above 0.05 for both mean RD (p-values of 0.99 
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for Fidget vs Sham, 1 for Sham vs Control, and 0.41 for Fidget vs Control) and total area (p-values of 1 
for Fidget vs Sham and for Sham vs Control, and 0.44 for Fidget vs Control) according to the 
Bonferroni post-hoc test. However, when analyzing the After trial, significant differences were found 
between both Fidget vs Control (p-values 0.042 for Mean RD and 0.039 for total area of deviation) and 
Sham vs Control groups (p-values 0.043 for Mean RD and 0.041 for total area of deviation). No 
statistical differences were found between the Fidget and Sham groups for the After trial (p-values of 1 
for both Mean RD and Total area of deviation). The statistical power relative to the sample in this study 
was found to be 87.7%, with a calculated effect size estimator Ψ value of 0.389 (Steiger, 2004). 
 
 
Figure 4.4. Results. Circles represent the group mean and vertical bars indicate the standard 
deviation. Circles are color coded according to trial (red for Before, green for After). It is possible 
to see that for both Fidget and Sham groups there is a significant improvement in the After trial 
with p-values <0.01 (**) for the Fidget group and <0.05 (*) for the Sham group for both mean RD 
(upper panel) and total area of deviation (lower panel). Also, it is possible to see a significant 
difference in the After trial, for both mean RD and total area of deviation, between Fidget and 
Control groups and Sham and Control groups with p-values <0.05, but not between Fidget and 
Sham groups. 
 
4.4 Discussion 
Our results suggest that the use of fidget spinners may indeed better fine motor control to a certain 
extent, as shown by the within group analysis. However, it would be imprudent of us not to consider 
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the fact that this general improvement was also evident for the Sham group. Taken together, these 
results suggest that fine motor control may be related more to the general manipulation of objects and 
not necessarily inherent to fidget spinners themselves. Considering our sample of young healthy 
subjects, our results should apply to all subjects. It is possible, that in certain special groups, such as 
that of ADHD, the effects could be even greater, seeing that fidgeting in general was already shown to 
have a beneficial effect on this type of population. However, this remains as a mere speculation for the 
moment that may be elucidated by future studies. 
The observed improvement in performance for the Fidget and Sham groups may be due to an 
additional attentional component on the motor effector related to handling of the fidget spinner 
between trials. This may explain why improvements were found in both Fidget and Sham groups but 
not in the Control group. In fact, by examining dual task paradigms it is evident that while performing 
a motor task concurrent with a cognitive task, some modifications to the motor performance occur, 
suggesting that the any motor task, even when not fully concentrated, requires allocation of attentional 
resources for the performance (Abernethy, 1988; Guillery et al., 2013; Saling and Phillips, 2007). Also, 
object manipulation specifically was shown to require the integration of sensory, motor and cognitive 
systems (Hesse and Deubel, 2011; McBride et al., 2012). Moreover, it was shown that both internal and 
external focus may affect motor performance, with the latter being more effective in improving 
performance (Porter et al., 2010; Wulf and Prinz, 2001). Therefore, it is possible that the handling of 
the fidget spinner between trials may contribute to divert the attention toward the handling hand (i.e., 
internal focus) or the fidget spinner itself (i.e., external focus). Consequently, a higher level of 
performance may be achieved faster and retained more effectively (Wulf, 2007b). 
Another possibility would be that while handling the object, the motor areas responsible for the 
movement during the task remain active. It was shown that activation of motor areas, even when no 
movement is occurring (e.g., motor imagery), may influence performance (Guillot and Collet, 2008; 
Karni et al., 1998). Also, when developing motor skills, it was shown that executing different tasks 
may help in improving a specific skill by means of skill transfer when the same effectors are used 
(Schmidt and Lee, 2013; Seidler and Noll, 2008). Under this view, the handling of the fidget spinner 
between trials, by keeping the same motor areas activated, may be comparable to practice by means of 
skill transfer and, therefore, improve performance in successive trials. A general improvement due to 
trial repetition may be excluded seeing that the Control group did not demonstrate an improvement 
between trials. An fMRI study could provide information relative to this hypothesis. Also, it would be 
interesting to evaluate the amount of attention allocated during the use of fidget spinners by a dual task 
paradigm. Perhaps by doing this, the effect would be better characterized and, consequently, also 
controlled. 
In our study we tried to obtain a homogeneous group of individuals, all being young adults free from 
any reported neurological or visual impairments that may interfere with the task. However, there are 
other variables that may influence motor performance that were not evaluated in this study. It was 
shown that motor and cardiovascular fitness as well as academic skills are related and could influence 
one another (Haapala et al., 2014). Also, motivation was shown to be a determining factor for success 
when developing motor skills (Schmidt and Lee, 2013). Therefore, it is possible that by evaluating 
and/or controlling these variables some specific correlations may emerge. We assume that by our 
choice of the sample, the motor fitness, motivation, and age would be relatively similar among 
subjects, and therefore, would not affect the present research. However, it would be interesting to test if 
the effect present reported here would also be present in other types of groups with different motor and 
cardiovascular fitness (e.g., professional athletes vs sedentary individuals) and age (e.g., children vs 
adults). 
It should also be considered, that our study was concentrated only on the immediate effect and, 
therefore, we cannot predict whether these effects are also long lasting. While this remains as an open 
question, it is also true that the continuous manipulation of objects may eventually better dexterity 
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(Borecki et al., 2013; Latham et al., 2013; Magallón et al., 2016; Sarver et al., 2015; Schmidt and Lee, 
2013). In fact, when manipulating objects, the mechanical properties of both hand and object must be 
accounted for. This is made simple for a rigid object that is held firmly in the hand, as movement of the 
object is equivalent to controlling the movement of the hand whereas for non-rigid objects, movement 
of the object is made by the interaction between hand and internal dynamics of the object (Dingwell et 
al., 2002). The manipulation of unknown objects (i.e., unknown dynamics) is made by estimation of 
either the dynamics of the object or employment of different strategies for control, both of which are 
based on past experiences (Dingwell et al., 2002). Therefore, it is possible to assume that the longer 
and more varied is the manipulation of object, the easier would be the successive manipulation of new 
objects. This way, continuous manipulation will add to the repertoire of experiences and strategies for 
future human-object interactions, especially when considering that experience is a determining factor 
for the success of a planned motor response (Metcalf et al., 2014). Further supporting this notion is the 
fact that when the physical properties of the arm are altered by an object, the internal model of 
dynamics of the adapted arm to the new physical condition is maintained (Gordon et al., 1993; 
Sainburg et al., 1999; Witney et al., 2000). This type of adaptation may indeed influence the 
predictability of the object’s dynamics in future human-object interactions, which was suggested to be 
a primary criterion for strategy selection (Nasseroleslami et al., 2014). When these concepts are 
combined with skill transfer, it is probable that a continuous manipulation of objects may indeed 
influence dexterity and motor control. Examples for this can be found when examining the effects of 
video games as well as chopsticks on dexterity (Borecki et al., 2013; Chen and Chang, 1999; Latham et 
al., 2013; Rosser et al., 2012). Therefore, it is possible that the repetitive manipulation of fidget 
spinners may influence motor control. Moreover, by being a toy that is considered to be enjoyable, 
fidget spinners may stimulate even more people to utilize them, much more efficiently than refine 
exercises aimed to improve fine motor control. 
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5 3D reconstruction of human movement in a single projection by 
dynamic marker scaling 
4 
 
 
Abstract. The three dimensional (3D) reconstruction of movement from videos is widely utilized 
as a method for spatial analysis of movement. Several approaches exist for a 3D reconstruction of 
movement using 2D video projection, most of them require the use of at least two cameras as well 
as the application of relatively complex algorithms. While a few approaches also exist for 3D 
reconstruction of movement with a single camera, they are not widely implemented due to tedious 
and complicated methods of calibration. Here we propose a simple method that allows for a 3D 
reconstruction of movement by using a single projection and three calibration markers. Such 
approach is made possible by tracking the change in diameter of a moving spherical marker within 
a 2D projection. In order to test our model, we compared kinematic results obtained with this 
model to those with the commonly used approach of two cameras and Direct Linear 
Transformation (DLT). Our results show that such approach appears to be in line with the DLT 
method for 3D reconstruction and kinematic analysis. The simplicity of this method may render it 
approachable for both clinical use as well as in uncontrolled environments. 
 
5.1 Introduction 
The clinical assessment of biomechanical parameters is fundamental for both rehabilitation and 
prevention. As such, the need for objectivity when evaluating appears to be of great importance. 
However, more than often the assessment of such parameters is still more subjective than warranted, 
limited to a simple observation by the examiner of the movements performed and scoring the 
performance according to various clinical scales e.g., (Claesson et al., 2017; Ferrarello et al., 2013; 
Lussiana et al., 2017; Sibley et al., 2011). To overcome this difficulty, various instruments exist that 
allow for more objective measurements. These instruments vary in complexity and in costs, from 
simple manual goniometers to refined automatic kinematic assessments tools e.g., (Cancela Carral et 
al., 2017; Nussbaumer et al., 2010). However, when evaluating complex multi-segmental movements 
frequently the use of the more expensive and refined tools is called for. 
One of the corner stones of biomechanical evaluation is the dynamic study of the body in its entirety 
during movement along with a three dimensional (3D) reconstruction, often achieved by means of 
some acquisition system, from simple video cameras to complex capture systems e.g., (Baskwill et al., 
2017; Mustapa et al., 2017). Such evaluation generally requires dedicated spaces and, frequently, 
trained personnel for its operation. Therefore, the introduction of low-cost, flexible, and simple tools 
for dynamic analysis and 3D reconstruction of full body movement may provide the basis for a much 
wider implementation of these types of biomechanical assessments, in both clinical use as well as in 
uncontrolled environments. 
                                                            
Cohen EJ, Bravi R, Minciacchi D (2017) 3D reconstruction of human movement in a single projection by dynamic marker 
scaling. PLoS One. 12(10):e0186443. doi: 10.1371/journal.pone.0186443. 
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The use of video for kinematic analysis of human movement represents a simple tool for biomechanics 
studies. While not as accurate as optical capture systems, it does provide easily obtainable valid data at 
a lower cost and does not require highly trained personnel for its operation, see (Chèze, 2014); 
therefore, it may satisfy some of the prerequisites for a widespread implementation. One of the issues 
regarding video analysis is the reconstruction of the movement in a three dimensional (3D) space, 
commonly requiring the use of at least two cameras. However, while two cameras are able to localize 
markers in 3D, more than often some of the markers may be hidden during capturing and, therefore, 
provide partial information and/or necessitate the addition of more cameras, causing an increase in 
costs. Also, in order to use two cameras, adequate space must be dedicated that allows for a complete 
acquisition. 
Several approaches have been proposed for 3D reconstruction from video cameras. Widely used is 
Direct Linear Transformation (DLT) that, with a minimum of 6 calibrated markers, is able to link the 
information provided by two cameras to reconstruct a 3D space (Abdel-Aziz and Karara, 1971). The 
comparison between the DLT method and other approaches is beyond the scope of this paper; for 
comparisons and considerations between calibration methods see (Remondino and Fraser, 2006). This 
approach, however, does have its downsides. The first already mentioned, is the obligated use of at 
least 2 cameras. The second is that, when relating image points to object points, a series of constants 
must be used. These constants for each camera are represented by the projection coordinates, global 
coordinates, and a series of coefficients that relate the two. Therefore, for each point we have 5 knowns 
(i.e., 2 for the projection and 3 for global coordinates) and 11 unknowns (i.e., coefficients) per camera. 
These coefficients, or DLT parameters, are expressed by two equations per projection point. To find 
these unknown parameters, at least 11 equations are needed, per camera. This can be done by adding 
calibration points. For each additional calibration point, two new equations are introduced, while the 
DLT parameters remain the same. Therefore, by using 6 calibration points, which yield 12 equations, 
we are able to solve for the DLT parameters, for a detailed explanation of the DLT method see (Abdel-
Aziz and Karara, 1971). Therefore, to calibrate the system according to the DLT method, a minimum 
of 6 accurately placed calibration points are needed, and we have to create the transformation matrix 
for each point, which may result in quite a tedious procedure. Also, when a marker is not visible on one 
camera the reconstruction cannot be made for said marker. 
An appealing alternative is the reconstruction of movement by using a single camera. Not only for the 
reduction in number of cameras, and therefore costs, but also in cases in which a single camera is used 
for 2D analysis, a 3D reconstruction may provide additional information from the same recording. An 
example for this is gait analysis, where only a sagittal view is considered e.g., (Castelli et al., 2015; 
Yang et al., 2016) leaving the information obtained as partial. A few studies have addressed the issue 
of 3D reconstruction by a single projection, providing different methods e.g., (Ambrósio et al., 2001; 
Bowden et al., 1998; Howe et al., 1999; Wei et al., 2012) Worth noting is the work of Yang and Yuan 
(Yang and Yuan, 2005), in which by adding kinematic constraints associated with a human 
biomechanical model the authors were able to reconstruct a 3D movement from a single camera quite 
precisely. However, this approach is based on the same principals as the DLT method and therefore 
requires the solution for 11 parameters. The reduction of the DLT principals to a single camera with the 
added kinematic constraints as well as the need for anthropometric data further increased the 
complexity of this method, rendering it less approachable for personnel with no mathematical 
background. Also, the use of kinematic constraints renders each calibration subject-specific, and not 
setup specific, which may cause a great increase in the time for preparation and analysis. 
Another general issue that merits attention is the use of the commercially available cameras for which, 
with the advances in video technology, the accuracy of video-obtained data has increased and more low 
cost alternatives to specialized cameras have emerged. In fact, the use of webcams and action cameras 
have been successfully implemented for biomechanical analysis of movement (Bernardina et al., 2016; 
Krishnan et al., 2015). For these types of cameras, more than often information relative to the intrinsic 
properties of the camera (e.g., focal length, sensor specifications) is not readily available and, 
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consequently, some reconstruction methods may not be employed, as also mentioned by (Yang and 
Yuan, 2005). 
In a clinical setting, the implementation of an objective biomechanical assessment is still far from 
widespread. This may be due to a series of factors. As mentioned earlier, most of the elaborated 
systems for biomechanical analysis require a dedicated space e.g., (Riberto, 2013), which is far greater 
than that found in a typical examination room, let alone at patient’s bedside or during house calls. Even 
for a two camera setup, the space required to assure visibility of the entire body, though variable 
between cameras, exceeds that of a common examination room.  
In single camera-based approaches space is not an issue. However, the increase in complexity for 
implementation of these methods, due to the reduction in cameras, may greatly limit their usage. When 
considering that healthcare professionals are concentrated on specific field of expertise, it is not 
surprising that the most may not possess adequate knowledge or preparation for the application of said 
methods.  
Another general consideration is that the majority of calibration processes are setup-specific, meaning 
that once the cameras are calibrated they cannot be moved which reduces the mobility of the system 
and, therefore, may obstacle a common day-to-day use in dynamic environments, such as those found 
in clinical practice. 
In addition, as costs and resources are also to be considered, acquisition of specialized cameras specific 
for movement analysis is not always possible. Especially today, where most portable devices are able 
to provide fairly decent video recordings at hand’s reach (Boissin et al., 2015), acquisition of 
specialized equipment may and should be avoided when possible. 
When taking all of these considerations together, it is obvious that in order to render an objective 
biomechanical assessment widespread, a simple, mobile instrument that is camera independent and 
does not necessitate any specific background is needed. 
Here we propose a simple approach that requires a minimum of 3 markers for calibration and is able to 
reconstruct movement in a 3D space with a single projection. Such algorithm is based on the scaling 
effect provided by a two dimensional projection. Seeing that the scaling effect occurs throughout the 
movement, we called this method dynamic marker scaling (DMS). This approach is independent from 
the intrinsic properties of the camera and may be widely implemented. In order to test the validity of 
the DMS method, we compared it to the commonly used DLT method with two cameras. 
 
5.2 Materials and Methods 
5.2.1 Subject and Task 
A normal subject (female, age 25, height 167 cm, 47 kg) was analyzed for linear and angular 
kinematics of the entire body during a simple lifting task of a box (dimensions 10 x 4 x 2 cm, 100g). 
No indication was provided to the subject regarding how the task is to be performed. The experimental 
protocol conformed to the requirements of the Federal Policy for the Protection of Human Subjects 
(U.S. Office of Science and Technology Policy) and Declaration of Helsinki, and has been approved by 
the Research Ethics Board of our Institution (Local Ethics Committee, Azienda Ospedaliero 
Universitaria Careggi, Florence, Italy). The participant provided informed consent in written form. 
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5.2.2 Cameras  
Three cameras were used for data acquisition (GoPro Hero 5 Black), 2 for the DLT method and one for 
the DMS method. The DLT cameras were positioned orthogonally from one another forming a 45° 
from the center of the working area at a distance of 220 cm from the center point. The camera used for 
the DMS method was placed at a distance of 272 cm and frontal to the center of the working area 
(Figure 5.1). In order to compare the same movement for DLT and DMS, all three cameras were 
synchronized by using GoPro Smart Remote control. Video acquisition was set for resolution of 1080p 
at 120 frames per second for the DLT and DMS cameras. Other settings included: Field of view-
Narrow, Color-flat, WB-3000K, ISO-1200, EV Compensation- -0.5.  
 
 
Figure 5.1. Setup. A diagram of camera placement for acquisition. The cameras used for DLT 
were placed at a 45° angle from the center point, while the DMS camera was placed frontal to the 
working area (in red). Also, placement of the calibration markers for the DMS method are shown. 
 
5.2.3 Calibration 
For DLT calibration 19 spherical markers were placed at known locations, fixed to a static structure 
thus distributing the markers throughout the working area (Figure 5.2). For the DMS method, three 
spherical markers were placed on the ground at known distances from the camera (180 cm, 272 cm, 
and 364 cm, Figure 5.1). The distances were chosen to delineate the working area. All of the markers 
used in this study were 2.4 cm in diameter. For implementation, our algorithm requires the following 
parameters: marker height (simplified by placing markers on the ground), marker diameter, camera 
height (considered from ground to lens center, measured at 90.6 cm), marker distance from camera’s 
plane (i.e., ground distance). Seeing that scaling of objects occur in reference to the center of the 
camera’s lens, the actual camera distance was calculated from the measured ground distances (as the 
ground distance and camera height are known, see Figure 5.3). According to this calculation, a ground 
marker placed at 180 cm has a camera distance equivalent of 201.51 cm, considering a camera height 
 49 
of 90.6 cm. Therefore, if a marker at 180 cm (ground distance) is known to have a certain diameter 
when projected, any marker that measures the same diameter can be considered to be placed at a 
distance of 201.51, in any direction, from the camera’s center (i.e., camera distance; Figure 5.4). 
 
 
Figure 5.2. DLT setup. A diagram of the placement of calibration markers for the DLT method. A 
static structure formed by two fixed orthogonal frames was built to delineate the working area, to 
which markers were fixed at known positions. For each marker, global coordinates in cm are 
shown in the parenthesis as XYZ. 
 
 
Figure 5.3. Relationship between position and projections. A diagram describing differences 
between actual positions of markers, relative to the camera, and their projections. Camera Height is 
considered as the measured height from the ground to the lens center. Camera Distance is 
considered as the distance between the marker’s center and the center of the camera’s lens. Ground 
Distance is considered as the distance from the marker’s center to the camera’s plane. Also shown 
are differences in projection height, where more distant markers are projected higher than closer 
ones, as well as diameter changes relative to distance, with closer markers appearing bigger than 
more distant ones. 
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Figure 5.4. Camera distance. A diagram demonstrating that when a marker measures a certain 
diameter, said marker will have a specific camera distance independent from its direction. 
Corresponding camera distances are shown in red lines, all of which are equal to the measured 
camera distance. An example from our measurements is a projected diameter of 24 pixels, and a 
corresponding camera distance of 203.56 cm, in any direction. 
 
Calibration for conventional cameras is usually based on a perspective projection model, known as the 
pinhole camera model. While calculation based on a pinhole camera model can be solved for with 
simple projection equation (e.g., u=fX/Z, v=fY/Z; where u and v are the projected coordinates, X, Y, and 
Z are the real world coordinates, and f is the focal length), due to camera parameters that don't match 
the pinhole model (e.g., large aperture, lens distortion, etc.) as well as our scope to create a camera 
independent model (i.e., that does not rely on prior knowledge of the intrinsic parameters of the 
camera, specifically the focal length) the equation needs to be made more general. As such, for a 
dynamic analysis through marker scaling the following premise was considered. There is an inverse 
relationship between marker size and its distance from the camera (i.e., marker diameters grows as the 
distances reduces; Figure 5.5). Therefore, two asymptotes are present according to these conditions 
allowing for an implementation of a negative power function based on:  
f(x)=x-1 
where f(x) represent the camera distance, and x represents the marker’s projected diameter. By 
including a scaling factor and noise effect the resulting function is: 
f(x)=axb+c 
where b is a negative number. During the formulation of our model, we have conducted several trials in 
which markers were placed at different distances, and their projected diameters measured. The results 
obtained with this function appeared to be in line with our measurements. To test the goodness of fit of 
our function we used the curve fit tool of Matlab, plotting 13 measurements of distances and diameters. 
Our calculated coefficients matched those obtained with the curve fit tool, with an R2 and adjusted R2 
values of 0.999, a root mean squared error value of 0.07, and a sum of squared errors of prediction 
value of 0.04 (see Figure 5.6). In order to solve for our equation, seeing that there are 3 unknown 
coefficients, a minimum number of 3 known points is needed. While the choice to use a power function 
may be reasonable enough, it is still arguable how accurate this function may be. However, considering 
the fact that we are interested only in results occurring within a limited numerical range (i.e., working 
area), and that our calibration markers were placed at the limits and center of said range, measurements 
obtained by the function are expected to be relatively accurate.  
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Figure 5.5. Relationship between diameter and distance. A diagram describing the relationship 
between a marker’s camera distance and its diameter. The curve of this relationship takes the form 
of an inverse power function. From this function it is possible to see that the closer the marker is to 
the camera center, its size approaches infinity and as its diameter approaches zero, the distance 
grows to infinity. In the figure, we have included also some of the measurements obtained by us 
relative to the marker’s camera distance (in cm), and its projected diameter (in pixel).  
 
 
 
Figure 5.6. Goodness of fit of function. Plotted values of paired measurements of camera 
distances (in cm) and corresponding diameters (in pixels). The red curve represents the function 
that was fitted to the measurements. For the goodness of fit values, see text. 
 
After resolving for the camera distance, a correction factor should be used for the Y and X axes seeing 
that, due to perspective distortion, objects more distant from the camera appear closer to the center (i.e., 
optical axis). For example, on the Y axis, more distant objects appear higher when placed below the 
optical axis of the camera, and lower than they above (Figure 5.3). On the X axis, more distant objects 
appear more medial whereas closer objects appear more lateral. In order to resolve for perspective, the 
known marker diameter can be used. By taking the projected diameter of a marker and calculating the 
projected distance of that marker from a reference point (for simplicity we used the axes origins), we 
can quantify that same distance in terms of projected diameter instead of pixels. Seeing that the actual 
diameter of the marker is known, the conversion of that measurement into centimeters is made by a 
simple multiplication which could be expressed by the following equation: actual(Y)=(projected(y) 
/projected(diameter)) * actual(diameter). By using a spherical marker the same approach can be used 
for both the X and Y axes, this concept is exemplified in Figure 5.7.  
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Figure 5.7. Perspective correction. A diagram describing the correction for perspective 
distortion. By using the measured projected diameter of a marker as well as the distance to some 
reference point, it is possible to calculate the ratio between projected diameter and distance to the 
reference. As the real marker diameter is known, it is possible to multiply the ratio by the real 
diameter, therefore obtaining the actual distance from the reference. This may be applied to both 
the X and Y axes. In the diagram we can see two markers (bold circles), that are placed at different 
distances from the camera (as shown at the bottom of the figure) and that in their projection (bold 
circles in the frame) appear to have a different diameter (with more distant marker having a smaller 
projected diameter), and a different localization (with the more distant marker appearing higher 
and more medial). As we can see the markers are effectively placed one behind the other (in the 
bottom of the figure) and, in fact, when calculating the ratio between projected diameter and 
distance to the reference, both present the same ratio meaning that in reality are placed one behind 
the other (i.e., having the same X and Y global coordinates). 
 
After obtaining data relative to the X and Y axes, a conversion of the measured camera distances 
obtained into distances from the camera’s plane (i.e., Z axis) is necessary. This conversion can be made 
by using the Pythagorean theorem, with the measured camera distance and the obtained Y value.  
5.2.4 Data acquisition 
For a full body analysis of the movement, 12 joints were considered (ankle, knee, hip, shoulder, elbow, 
and wrist joints) and additional markers were placed on the head, feet and trunk for a total of 16 points 
of interest (see Figure 5.8). To assure joint tracking, 2 markers were placed per joint (3 for the knees 
and ankles). For both DLT and DMS methods, marker tracking was done manually using the open 
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source software Tracker (http://physlets.org/tracker/). The data was extracted from Tracker as x-y 
coordinates for each tracked point which were then analyzed using Matlab. 
 
 
Figure 5.8. Marker placement. A diagram illustrating marker placement on the subject. As 
shown, 16 points were taken into consideration with 2 markers per joint for shoulders, elbows, 
wrists, and hips 3 markers per joint for the knees, and ankles, and a single marker for the head, 
trunk and left and right feet. Also shown are the joint angles, illustrated in the right part of the 
diagram; angles are named according to the joint at the vertex. 
 
For DMS analysis, other than the coordinates of the marker, we are also interested in its diameter and, 
therefore, tracking points were placed at each side of the marker. Thus, by calculating the difference 
between the two tracked points, the marker’s diameter may be retrieved (Figure 5.9). The use of 
spherical markers for diameter acquisition provides the advantage that the dimensions of the marker do 
not change with movement. As long as the marker is half visible, data regarding its distance may be 
retrieved. Also, by using spherical markers, the perspective correction for both X and Y axes is 
simplified significantly. 
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Figure 5.9. Marker diameter acquisition. A diagram demonstrating marker diameter acquisition. 
Each side of the marker is tracked for every frame. 
5.2.5 Analysis 
The basis of biomechanical analysis from video recorded data is the extraction of kinematic 
parameters. Of these parameters fundamental data are represented by the change in joints positions and 
angles over time, from which it is possible to calculate other kinematic parameters such as linear and 
angular velocities, accelerations as well as a more in depth analysis via inverse dynamics for kinetic 
data. In order to calculate for the various kinematic parameters, we have constructed an algorithm with 
Matlab. Seeing that the DLT and DMS methods are calibrated differently, we limited our analysis to 
linear displacement and angles, both of which are independent from the coordinate system used. 
Linear displacement was calculated as the change in position from the starting position for every point 
in time. In order to resolve for displacement in a three dimensional space, a vectorial calculation is 
necessary. Therefore, the change in position for every frame was calculated for each axis separately 
(e.g., xi-x0). Then the three dimensional displacement for a frame was calculated as the square root of 
the sum of the changes in position of each axis squared. 
Angle calculation was made by taking the 3D coordinates of three points at a time, considering the 
middle point as the vertex. First, the rays were calculated as the vectors between the first to middle and 
middle to third points. Then the norm of dot and cross products of the vectors was obtained, and the 
four-quadrant inverse tangent of the norm was found giving the angle for the three points in radians, 
which was then converted to degrees. 
The following angles were considered for each side of the body: ankle (foot-ankle-knee), knee (ankle-
knee-hip), hip (knee-hip-trunk), shoulder (trunk-shoulder-elbow), elbow (shoulder-elbow-wrist), Figure 
5.8. 
5.2.6 Statistics 
The coefficient of determination (R2) was used to determine the closeness of fit between measurements 
obtained with the DLT and the DMS methods. The residual differences between the two methods were 
measured for each joint in order to quantify the magnitude of the differences, reported here as mean, 
standard deviation (SD), and maximal residual difference (RD). Although usually used to determine the 
 55 
noninferiority or equivalence between treatments (Walker and Nowacki, 2011), we believe that an 
equivalence test may help to better characterize the level of similarity between the two methods. 
Therefore, a Two One-Sided Test (TOST) was implemented to better define the equivalence between 
the two methods (Rogers et al., 1993). Seeing, however, that the equivalence margins are not defined in 
current literature for this type of analysis, we have used the equivalence test to find said margins. This 
way, we hope to provide at least some quantification of the accuracy between measurements, which 
may benefit future studies in this field.  
 
5.3 Results 
The two approaches, overall, provided relatively similar results. The 3D reconstructions acquired from 
both methods along with the image sequence of the real movement are shown in Figure 5.10 whereas 
graphical representations of the results are shown in Figure 5.11 and Figure 5.12. 
 
 
Figure 5.10. A reconstruction of the movement from both the DLT and DMS methods. The 
actual action, as sequenced images is displayed along with the reconstruction for each method. For 
simplicity, only 1 every 10 frames is shown for reconstructions and image sequence. 
Reconstructions are shown in three different points of view: front, top, and side views. To 
differentiate between body segments, different colors were used for the lower extremities (black), 
upper extremities (red for DLT and blue for DMS) and head (cyan for DLT and green for DMS).  
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Figure 5.11. Comparison between the DLT and DMS methods for linear displacement. DLT 
results (red lines) and the DMS results (blue lines) are shown in the graphs. Graphs represent the 
amount of displacement for each joint (in cm, from 0 to 90 cm) over time (in seconds).  
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Figure 5.12. Comparison between the DLT and DMS methods for angles. DLT results (red 
lines) and the DMS results (blue lines) are shown in the graphs. Graphs represent the angle 
measured (in degrees, from 0 to 180) over time. 
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For linear displacement, R2 values were all above 0.9 (ranging from 0.92 to 0.99), with the exception of 
the left ankle (measuring 0.7), right and left foot (measuring 0.14 and 0.53 respectively). Mean RDs 
ranged from 0.45 to 3.3 cm with SDs ranging from 0.35 to 1.53 cm (see Table 5.1). Also, TOST values 
were found to be significant for all points when the equivalence margins were set to ±7.2 cm. The 
margins were found after repeated measurements revealed equivalence between methods for all points, 
considering a p-value of 0.05. 
Table 5.1. Results linear displacement 
 R2 Mean RD Max RD SD 
Head 0.99 2.30 7.67 1.39 
Trunk 0.99 0.81 2.50 0.54 
Left 
Shoulder 0.99 3.30 5.98 1.53 
Left Elbow 0.99 2.10 6.97 1.38 
Left Wrist 0.99 2.00 4.20 1.23 
Left Hip 0.99 0.65 2.74 0.58 
Left Knee 0.96 1.57 7.21 1.53 
Left Ankle 0.70 0.84 3.87 0.69 
Left Foot 0.53 0.49 2.71 0.50 
Right 
Shoulder 0.99 1.49 3.54 0.83 
Right 
Elbow 0.99 0.45 2.33 0.32 
Right 
Wrist 0.99 1.14 4.02 0.79 
Right Hip 0.99 0.83 2.01 0.53 
Right Knee 0.98 1.52 4.90 1.22 
Right 
Ankle 0.92 0.47 1.49 0.35 
Right Foot 0.14 1.21 3.29 0.57 
 
For angles, R2 values were more dispersed (see Table 5.2), with highest values measured for the hips, 
knees, and left ankle (ranging from 0.91 to 0.99). Intermediate values were measured for the two 
shoulders and right ankle (ranging from 0.22 to 0.73), whereas low values were measured for left and 
right elbows (0.01 and 0.025, respectively). Mean RDs were all under 10 degrees with SDs values 
measuring less than 6 degrees, with the exception of the left elbow which measured a mean RD of 
11.64 (SD 8.32) degrees. TOST values were found to be significant for all angles when the equivalence 
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margins were set to ±10.009 degrees after repeated measurements revealed equivalence between 
methods for all angles, considering a p-value of 0.05. 
Table 5.2. Results angles 
 R2 Mean RD Max RD SD 
Left 
Shoulder 
0.73 4.87 15.86 4.47 
Left Elbow 0.01 11.64 38.03 8.32 
Left Hip 0.98 9.48 19.84 5.22 
Left Knee 0.98 3.08 16.07 3.17 
Left Ankle 0.91 2.39 10.58 1.81 
Right 
Shoulder 
0.25 4.49 16.24 3.37 
Right 
Elbow 
0.011 6.71 30.18 5.08 
Right Hip 0.97 7.29 18.70 4.20 
Right Knee 0.99 3.10 11.07 1.97 
Right 
Ankle 
0.46 6.15 23.521 4.70 
 
 
5.4 Discussion 
For the most part, the results obtained with the DMS method appear to be in line with the DLT method. 
For linear displacement, greater differences were present for less mobile joints (i.e., feet and ankles). 
However, when considering the mean RDs, they were all under 1.5 cm. This difference is relatively 
low, especially when considering that the highest mean RD was registered for the left shoulder 
(measured 3.3 cm). This is further emphasized when considering the SDs, which were all low for both 
feet and ankles (0.35-0.69 cm) along with maximal RD of 1.49-3.87 cm. Compared to other joints, 
highest SD was registered to the left shoulder (1.54 cm), and highest maximal RD measured to the head 
(7.76 cm). This type of trend is to be expected seeing that measurements for less mobile points are 
more susceptible to small differences, especially when considering that both methods are an 
approximation of the real values, and as such, are more likely to present greater differences for fixed 
points.  
For angles measured between the two methods, the data also seem to suggest that for the less active 
joints (in angular terms), results differ greatly compared to the more active joints. In fact, according to 
their R2 values, the joints may be divided into three groups in terms of activity: highly active (knees, 
hips, and ankles), moderately active (shoulders), lowly active (elbows). The exception in this case was 
the right ankle, which presented an R2 value of 0.46, however, when looking at the graph it is evident 
that this value is mostly due to dispersion (Figure 5.12). The level of activity of the joints may also be 
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seen by the sequenced images of the movement, in which the elbows appear to be at a relatively 
stationary angle compared to the other joints, followed by the shoulders (Figure 5.10). When 
examining the graphs obtained from the angular measurements, it is possible to see that the general 
trend appears to be very similar between methods (Figure 5.12), with greater data dispersion for the 
DMS method compared to the DLT method. As for linear displacement, also in this case it appears that 
as the measurement in question is more stationary, greater differences ensue. With that in mind, still all 
of the mean RDs between methods were under 10 degrees, with the exception of the left elbow 
measuring at 11.64 degrees. Such difference may easily be attributed to relatively smaller differences 
between the position of joints, where even slight movements may greatly influence the angles 
measured, which is further magnified the more stationary the measurement is. 
Some general limitations provided by both the DLT and the DSM method should be noted. As pointed 
earlier, video analysis produces less accurate results compared to other systems, such as optical capture 
systems (Chèze, 2014). Also, it is well known that a marker-based measurement may result in 
inaccuracies due to inaccurate placement, skin movement, attachment on loose clothing etc. In fact, 
alternative markerless-based approaches are emerging to overcome these difficulties (Ceseracciu et al., 
2014).  
As for specific limitation of the DMS method, as demonstrated by the graphs, is that measurements for 
the DMS method present a greater dispersion of data. This is mostly due to the fact that a more precise 
measurement is needed in order to retrieve the markers diameters and, by being a pixel-based 
measurement, it is more likely that the diameters measured will be skewed from one frame to another, 
especially when objects are more distant or less mobile. Moreover, dispersion of data may be the result 
of inaccuracies in acquisition due to contrast issues within the video, which may limit the visibility of 
contours of the markers. The importance of adequate contrast between marker and surrounding is 
emphasized also in other works e.g., (Ceseracciu et al., 2014; Magalhaes et al., 2013). In fact, in our 
experience a higher dispersion of data was found for the joints in which contrast between the marker 
and the surroundings was lowest (i.e., head, trunk, wrists).  
These inaccuracies of the DMS methods may, however, be substantially reduced by increasing the 
resolution of acquisition as well as the frames per seconds. The new commercial cameras, such as 
action cameras, provide a resolution up to 4K at 30 frames per second (reduced when frames per 
second are increased), which is sufficiently high to reduce measurement errors. Also, a manual tracking 
of the markers, instead of the automated algorithms of various software, may further increase the 
accuracy of the method. Finally, data dispersion may be reduced either by applying adequate filters or 
data smoothing. 
Still, it should be considered that the DLT method also has its own inherent errors as the transformation 
from R2 to R3 based on only a few markers remains as only an approximation, which may be reduced 
by increasing the number of calibration markers. Worth mentioning is the fact that in this study we 
compared the DLT method calibrated according to 19 points to the DMS method, calibrated with only 
three diameters. 
 
5.5 Conclusions 
The DMS method appears to provide relatively similar results compared to the DLT method, at least 
when gross movements are concerned. This method may be used alongside the DLT method in cases in 
which markers become hidden in one of the cameras. This way, by calibrating the cameras also 
according to the DMS method, data relative to said marker may still be salvaged. Also, the algorithm 
presented here may be of value for acquisition of data in specific tasks such as gait, that when is 
studied with a single camera, only the sagittal plane is considered (e.g., (Castelli et al., 2015; Yang et 
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al., 2016). This way information that may be obtained from a frontal plane is eliminated. Perhaps the 
biggest advantage of the DMS method is that the entire calibration process is very simple compared to 
other approaches of 3D reconstruction with a single camera, or multiple cameras in general, which 
translates in rapidly obtained data. Also, the use of a single camera and three markers renders it much 
more mobile than other methodologies. This may be of value especially when the goal of the 
measurements is to provide a general estimation of the movement rather than a precise description. As 
pointed out in a recent review by Hewett and Bates (Hewett and Bates, 2017), preventive 
biomechanical interventions may help in reducing the incidence of various musculoskeletal injuries, 
referred by the authors as “preventive biomechanics”. Therefore, having some measurement in a 
clinical setting may help in identifying those people who might benefit the most from preventive 
interventions. The simplicity and mobility of the DMS method may render it as an adequate instrument 
for widespread this type of clinical use or in other uncontrolled environments. 
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6 Visuomotor perturbation in a continuous circle tracing task: novel 
approach for quantifying motor adaptation 
5 
Abstract. The study of motor adaptation certainly has advanced greatly through the years, and 
helped to shed light on the mechanisms of motor learning. Most paradigms used to study 
adaptation employ a discrete approach, where people adapt in successive attempts. Continuous 
tasks on the other hand, while known to possess different characteristics than discrete ones, have 
received little attention regarding the study motor adaptation. In this paper, we test for adaptation 
using a continuous circle tracing task with a visuomotor gain perturbation. To examine feasibility 
of this task, 45 normal subjects divided into 3 groups were tested for adaptation, aftereffects and 
generalization. The results appear to be in line with the requisites for visuomotor adaptation to gain 
perturbations. Specifically, all subjects exhibited a gradual adaptation when faced with a 
perturbation as well as opposite aftereffects once the perturbation was removed. Aftereffects 
tended to persist unless veridical feedback was given. The task generalized well both in size and in 
space. We believe that this task, by being continuous, could allow for a thorough investigation of 
visuomotor adaptation to gain perturbations in particular, and perhaps be expanded to other types 
of adaptations as well, especially when used alongside with discrete tasks.  
 
 
6.1 Introduction 
Motor adaptation refers to the process by which behavior is modified to accommodate a certain 
perturbation encountered. It is thought to occur not by a simple error correction mechanism, but by a 
modification of internal representations based on predictions of the eventual outcome of the movement 
itself (Izawa et al., 2008). This adaptive process requires the brain to make several assessments 
regarding the perturbation it is facing. The first of which is whether the perturbation is systematic or 
transient in nature (Haith and Krakauer, 2013). The distinction between the two will determine whether 
a change in behavior is necessary, as transient perturbations should not elicit an adaptive response and 
would therefore be solely compensated. Systematic perturbations on the other hand, would merit a 
consequent change in behavior, as the perturbation cannot not be attributed to randomness (Berniker 
and Kording, 2008). This would result in a gradual improvement following the abrupt presentation of 
the perturbation. If adaptation has occurred, then once the perturbation is removed, reverting back to 
normal performance would occur at a certain delay, what is commonly known as “aftereffects” (Weiner 
et al., 1983), resulting in errors opposite to those present initially when the perturbation was introduced. 
Furthermore, if indeed an internal representation was modified, the adapted behavior would be 
expected to generalize also to other circumstances (Shadmehr, 2004; Shadmehr and Mussa-Ivaldi, 
1994).   
The study of motor adaptation commonly employs the use of discrete tasks (e.g., reaching), operating 
on a trial-to-trial basis, evaluating the trial-by-trial learning or cumulative learning over successive 
trials. This approach is inherently long and may require hundreds of trials e.g., (Inoue et al., 2015), 
although, it was suggested that even a few trials may produce long-term retention in some cases 
(Huberdeau et al., 2015; Krakauer et al., 2000). Still, when using a trial-by-trial approach, the presence 
of an inter-trial interval is inevitable. Though this interval was shown to be an important factor for 
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learning, as it may affect the decay of learning, the extent by which it may affect learning is not well 
characterized (Kim et al., 2015; Kitago et al., 2013).  Still, the mere presence of an inter-trial interval, 
by leaving room for preparation time which could influence the extent of learning (Haith et al., 2015), 
may represent a confounding factor when interpreting results and, therefore, must be meticulously 
controlled if we wish to compare subjects. 
In addition, a trial-by-trial assessment is accompanied by several uncertainties regarding the 
performance. For example, when moving to different directions, as is often the case in reaching 
adaptation paradigms e.g., (Huang et al., 2018; Maschke et al., 2004; Mostafavi et al., 2014; Smith and 
Shadmehr, 2005; Taylor et al., 2014), each trial is accompanied by an initial uncertainty regarding the 
location of the target. A second uncertainty is related to the nature of the perturbation, whether it is 
persistent (i.e., always present) and consistent (i.e., always of the same magnitude). The third is 
whether the perturbation is specific to a single direction, or present in all directions equally. Although, 
subjects will eventually adapt also in noisy environments and conditions, these uncertainties are likely 
to generate compensatory responses that are not a manifest of adaptation per se. This is evidenced in 
force field perturbation paradigms where people use impedance control against uncertain perturbation 
(Franklin et al., 2003; Orbán and Wolpert, 2011; Thoroughman and Shadmehr, 1999). While 
impedance does reduce as the the internal model is learned and updated (Takahashi et al., 2001), it 
could potentially contaminate the results when the adaptation period is limited. Though it remains 
debatable whether and to what extent impedance control plays a role in other adaptation paradigms 
(e.g., rotation perturbation), uncertainty surely plays an important role in motor adaptation and all of 
these factors may affect both performance as well as the interpretation of data.  
It is possible to eliminate some of these uncertainties. For example, testing for a single direction, may 
eliminate the uncertainty regarding the target’s location as well as the perturbation specificity. 
However, which direction is better? direction specificity was shown to play an important role in 
adaptation (Jiang et al., 2018; Yin et al., 2016) and, as such, the elimination of different directions may 
produce incomplete results, especially when considering that baseline performance is already direction 
specific. On the other hand, testing more directions will reduce use-dependent learning (Diedrichsen et 
al., 2010) and increase the number of trials.  
It should be noted that these “issues” related to discrete tasks may also be desired, especially when we 
wish to examine certain specific aspects relative to components of motor adaptation. For example, the 
modulation of inter-trial interval may be used to favor explicit components of learning e.g., (Haith et 
al., 2015). Moreover, under certain circumstances, we may wish to examine the effects of a certain 
direction on adaptation and, therefore using different directions may be important (Jiang et al., 2018). 
However, if we do wish to conduct a study in which the effects of these factors are reduced, we could 
opt to use motor adaptation that involves continuous movements e.g., (Bruijn et al., 2012; Reisman et 
al., 2007; Schmid et al., 2011; Van Ooteghem et al., 2008). In fact, continuous adaptation does not 
require preparation time and, as such, should provide more consistent results by removing this 
confounding factor. Moreover, as the movement is continuous, any uncertainty related to either 
direction or the perturbation itself is eliminated. Trial-by-trial decay of learning might also be reduced, 
thus adaptation can potentially be achieved rapidly.  
In this paper, we examined motor adaptation to a visuomotor gain perturbation using a continuous task 
of circle tracing. This specific task was chosen since it was shown to provide consistent results across 
measurements (Cohen et al., 2018a). Moreover, by being a simple and continuous task it may greatly 
reduce any confounding factors related to inter-trial interval as well as, by being a circle, to direction 
biases and specificity. Though the circle-drawing task was previously used to assess explicit and 
implicit motor adjustments (Sülzenbrück and Heuer, 2009). The persistence as well as extent of 
adaptation were not adequately addressed. To overcome these issues, we have examined adaptation for 
a large perturbation and for a longer period, as well as two types of generalizations. 
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6.2 Materials and Methods 
6.2.1 Participants 
45 healthy adults were recruited for this study (age: 20.35±2.98 years; 21 males). All participants were 
right handed. Participants were naive to the task and the purpose of the study, and free of documented 
neurological impairments. All participants reported to have a corrected-to-normal visual acuity. The 
study protocol was approved by the Institutional Review Board of Peking University and all procedures 
conformed to the code of ethics of the Declaration of Helsinki. All participants gave written informed 
consent and were paid for their time. 
6.2.2 Set up and Task 
Participants were presented a circle template projected on a monitor mounted vertically in front of them 
at eye level (Figure 6.1). A black paperboard occluded vision of the hand. On the circle template (5.4 
cm in radius) a small red moveable circle represented the starting point. The participants were 
instructed to executed tracings of a circle, using graphic pen tablet (Wacom Intuos® PTK-1240, 
Tokyo, Japan; active area: 462 x 305 mm), while seated without the support of either wrist, arm, or 
elbow, in such a way that the only contact with the tablet was made through the pen. Further 
instructions included tracing the target circle counterclockwise as fast as they can while still being 
accurate. Before starting the task, each participant was asked whether the instructions were understood. 
Once participants positioned themselves at the correct point, the small circle turned to green indicating 
the start of the trial and the cursor became invisible. During execution, the cursor position, represented 
by the small circle, was visible. The cursor trajectory was also visible, and was reset every revolution. 
The position of the small circle as well as the cursor trajectory will be referred to as cursor feedback. 
Each participant was tested individually. 
 
 
Figure 6.1. Setup. Diagram illustrating the experimental setup. Each subject was presented a circle 
template projected on a monitor in front of her/him at eye level. A black paperboard occluded 
vision of the hand. The subjects executed tracings of a circle, while seated without the support of 
either wrist, arm, or elbow, in such a way that the only contact with the tablet was made through 
the pen. 
6.2.3 Experimental Design 
Subjects were divided into three groups (n=15/group; 7 males/group), two generalization groups (size 
and spatial generalization; i.e., Size and Shift), and a post-adaptation group (i.e., Post; Figure 6.2). 
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Subjects were trained to adapt to a gain perturbation of the cursor position about the origin of the circle. 
To achieve robust effect, perturbation was set to 250% gain, causing the desired tracing of the circle to 
be 40% of the original circle size (40% of 5.4 cm i.e., 2.16 cm in radius). In the generalization group 
each session consisted of the following trials: familiarization (10 revolutions of a circle with veridical 
cursor feedback), baseline (10 revolutions of a circle with veridical cursor feedback), baseline no 
feedback (i.e., Baseline NF; 10 revolutions of a circle with no cursor feedback), training (50 
revolutions of a circle with a gain perturbation of 250% of the cursor), aftereffects (10 revolutions of a 
circle with no cursor feedback), and generalization (2 trials each consisting of 10 revolutions with no 
cursor feedback).  
For the Shift group, the target circle’s template was shifted 10 cm to the left or to the right of the 
original circle, one trial for each. For Size group, the circle’s template presented was either bigger 
(150% of original radius, i.e., 8.14 cm) or smaller (50% of original radius, i.e., 2.71 cm), one trial for 
each. For Size and Shift groups each subject performed both generalization trials related to the group 
(either large and small size or left and right shift, respectively), along with aftereffects trial. For these 
groups, the order of the aftereffects and generalization trials was randomized.  
In the Post group, each subject participated in one session consisting of baseline (10 revolutions with 
veridical cursor feedback), training (50 revolutions with gain perturbation of 250% of the cursor) and a 
post-adaptation trial (10 revolutions of a circle with veridical cursor feedback). 
6.2.4 Analysis 
Following data collection, circle tracing analysis consisted of calculation of traced circle radii, 
measured as point distances from the template’s center (i.e., radius). For each measured radius, 
deviations from the template’s radius (i.e., reference radius) were also calculated (i.e., residual 
difference; RD) and are presented as percent deviation from the expected radius (i.e., % radius 
difference; %RD; Figure 6.3). Point direction was calculated as the angle difference from the starting 
position, considering the circle center as the vertex. Since subjects may present certain biases for 
specific direction (Classen et al., 1998; Haar et al., 2015; Huang et al., 2011; Jax and Rosenbaum, 
2007), the mean error per angle was calculated for the baseline performance. Following that, the 
baseline performance was subtracted from the measurements of all other trials in an angle specific 
manner. For the generalization group, since aftereffects and generalizations had no feedback, baseline 
NF was used as a measurement for potential biases for these trials. The amount of learning was derived 
from %RD of the expected adapted radius and is presented as %Learning, where 100% represents a 
complete adaptation (i.e., %RD equals zero for the expected adapted radius). Learning rate was 
estimated as the %Learning averaged over the first 3 revolutions of the training trial.  
6.2.5 Statistics 
To evaluate any potential between-group difference a One-Way ANOVA was implemented on the 
average %RD of the baseline performance of each subject. To evaluate any differences that may relate 
to adaptation between groups a One-Way ANOVA was also implemented on the %Learning during 
training for each subject.  
To evaluate the immediate extent of learning, a two-tailed t-test of %Learning was conducted 
comparing the mean of last 3 revolutions during training with the first evolution of the following trials 
(i.e., aftereffects, generalization, post-adaptation). As a measure of the significance of decay, the 
average of first 3 revolutions of each trial was compared with the average last 3 revolutions of said trial 
using a two-tailed t-test. To evaluate potential within trial decay in the generalization groups, the 
average %Learning of the last 3 revolutions of the aftereffects and generalization trials was also 
calculated and compared with the average of the first 3 revolutions using a two-tailed t-test. 
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Figure 6.2. Experimental design. A. Schematics of the session organization. Subjects were 
divided into one of three groups: Shift, Size and Post. For both Shift and Size groups, the session 
consisted of the following trials: familiarization (10 revolutions with veridical feedback), baseline 
(10 revolutions with veridical feedback), no feedback baseline (Baseline NF; 10 revolutions with 
no feedback), training (50 revolutions with 250% gain perturbation to cursor feedback), aftereffects 
and two generalization trials (left and right shift for Shift group, large and small size for Size 
group, each consisting of 10 revolutions with no feedback). The order of the last 3 trials (i.e., 
aftereffects and generalization trials) was randomized. For the Post group, the session consisted of 
the following trials: familiarization, baseline, training and post-adaptation (10 revolutions with 
veridical feedback). B. A diagram demonstrating the circle template presented to the subjects. 
During the trial, the cursor position was represented by the small circle (shown in red). Subjects 
were asked to trace the circle according to the template. During the baseline trial the desired 
trajectory corresponded to the circle template. During training, a 250% gain perturbation to the 
cursor feedback was introduced. In order to match the template subjects needed to draw a circle 
40% smaller than the original (i.e., desired trajectory; represented by the dashed line). C. Diagram 
showing the different templates used for the aftereffects and generalization trials. In these trials no 
feedback was presented. For the aftereffects, the circle’s template presented was the same size as 
the original, located at the same place (i.e., Aftereffects). For Shift group, the circle’s template was 
of the same size, shifted to the left (i.e., Left Shift) and to the right (i.e., Right Shift). For Size 
group, the circle’s template was 50% the size of the original (i.e., 50% Size) and 150% the size of 
the original (i.e., 150% Size) presented at the same place as the original. 
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Figure 6.3. Circles analysis. An example of the calculation of the precision of a traced circle. A. 
A complete revolution of a traced circle drawn counterclockwise (blue line) on a template is 
shown. The center of the template was used to measure the radius of each point on the tracing. B. 
For each angle of the circle the template’s radius was subtracted from the measured radius at that 
specific angle in order to obtain the Radius Difference, which was divided by the template’s radius 
to obtain % Radius Difference for every direction of the circle over time. 
 
6.3 Results 
The adaptation and subsequent tests of aftereffect and generalization were performed in a couple of 
minutes. Across all subjects and trials, average completion time for the entire session was 126.32±35.7 
seconds.  
First, we found no significant differences in baseline performance between groups (F2,42 = 0.88, p = 
0.42, one-way ANOVA). Baseline precision (measured as %RD) across subjects averaged -
1.81±3.87%. For every subject, baseline performance was shown to be relatively consistent with small 
variation across revolutions as shown by the change in SD of the %RD across revolutions for every 
subject averaging 4.72±1.69%.  
During the training trial, all subjects, in all groups, showed an immediate increase in error upon the 
introduction of visuomotor gain adaptation, averaging 39.2±35.8 %Learning for the first revolution. 
Then, they exhibited a gradual reduction in error, with an average learning rate of 64.4 ±21.6% by the 
end of the third revolution. Also in this case no significant differences were found between groups 
(F2,42 = 0.61, p=0.54, one-way ANOVA). As a measure of the extent of learning during training, the 
average of the last 3 revolutions was calculated for each group and measured 95.2±9% for Size group, 
92.3±12% for Shift group and 98.9±5.6% for Post group. At the end of the session, all our subjects 
reported to be aware of the perturbation. 
The immediate extent of learning following training for the Size group averaged 108±24.1% for the 
aftereffects trial, 86.1±32.7% for the small size, and 104.5±21.3% for the large size (Figure 6.4), all of 
which were not found to be significantly different compared to the average of the last 3 revolutions 
during training (p=0.1, p=0.33, and p=0.17). For the Shift group, extent of learning averaged 
88.4±25.3% for the aftereffects trial, 94.2±31.6% for left shift and 91.8±30.7% for right shift (Figure 
6.5). Also in this case no significant differences were found between the trials and the last 3 revolutions 
of the training trial (p=0.53, p=0.82, and p=0.94, respectively). These results suggest that 
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generalization to size may have a more robust effect compared to spatial generalization, as the values 
for both aftereffects and large size trials were larger than 100% learning. For the Post group, immediate 
extent of learning averaged 94.3±29.3% (%Learning of the first revolution; Figure 6.6), not showing 
any significant differences with the average of last 3 revolutions of training (p=0.57). 
 
 
 
Figure 6.4. Results Size group. Results obtained for the Size group (n=15) presented as 
%Learning (upper panel) and % Radius difference (lower panel). On the left side are the results 
obtained from both training (red; only first 10 revolutions) and aftereffects (blue), whereas the 
right side are the results obtained from the large generalization (orange) and small generalization 
(green). For %Learning, the dots represent the revolution’s mean whereas the error bar represent 
the standard deviation for said revolution; the solid lines illustrate the general trend during the 
trials. In the lower panel % Radius difference are presented as mean (line) and standard deviation 
(shaded areas). P-values refer to the performance of the last 3 revolutions of training compared to 
the first 3 revolutions of the other trials. It is possible to note that subjects maintain their adapted 
state throughout with the exception of the small generalization, in which values demonstrated a 
slight reduction in adaptation. 
 
No significant within trial decay was found for any of the trials of the Generalization groups. 
Specifically, aftereffects measured as %Learning of the adaptive state, averaged 83.4±24% for the first 
three revolutions, decaying to 80.3±23.9% (p=0.15) for Shift, and 102±20.3%, decaying to 99.4±20.6% 
(p=0.21) for Size. For Shift group, %Learning averaged 87.6±30.3% for left shift, decaying to 
85±27.1% (p=0.42); for right shift %Learning averaged 85.9±26.2%, decaying to 81.7±22.6% 
(p=0.11). For Size group, small size averaged 73.2±27.1%, decaying to 65.8±26.1% by the last 3 
revolutions (p=0.13). For large size %Learning averaged 98.6±21% and presented no decay, reaching 
100.2±24.4% (p=0.6) by the last 3 revolutions. In sum, generalization across sizes and space was large 
with small decay over time.  
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Figure 6.5. Results Shift group. Results obtained for the Shift group (n=15) presented as 
%Learning (upper panel) and % Radius difference (lower panel). On the left side are the results 
obtained from both training (red; only first 10 revolutions) and aftereffects (blue), whereas the 
right side are the results obtained from the right generalization (orange) and left generalization 
(green). For %Learning, the dots represent the revolution’s mean whereas the error bar represent 
the standard deviation for said revolution; the solid lines illustrate the general trend during the 
trials. In the lower panel % Radius difference are presented as mean (line) and standard deviation 
(shaded areas). P-values refer to the performance of the last 3 revolutions of training compared to 
the first 3 revolutions of the other trials. It is possible to note that subjects maintain their adapted 
state throughout all trials with a very small decay. 
 
 
Figure 6.6. Results Post-adaptation group. Reported are the results obtained for the Post group 
(n=15). Results for training (red) and post-adaptation (blue) are shown reported as mean (dots) and 
standard deviations (error bars) of %Learning (upper panel) and mean (lines) and standard 
deviations (shaded areas) of % Radius difference of the expected radius (for training is 40% of the 
original). As expected, the two trials present opposite trends with training initially having larger 
radii gradually reducing and post-adaptation having smaller radii gradually increasing. 
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To examine decay across trials for the generalization groups, the average of each trial according to its 
order was calculated as %Learning of the last 3 revolutions. For the first trial after training, %Learning 
averaged 92.7±26.6%, for the second 85.5±25.9% and for the third 77.4±25.9%. Revealing an inter-
trial decay of learning of ~7.5%. 
For the Post group, as expected, subjects presented opposite trends during training and post-adaptation 
as shown by the change in %RD. For training, initial %RD for the first 3 revolutions averaged 
29.4±20.5% than expected radius (69.3±26.5 %Learning). For post-adaptation, subjects initially 
performed smaller radii, averaging -20.9±9.8% (57.2±23.9 %Learning) by the third revolution. These 
trials presented converging trends as they continued and by the tenth revolution %RD values measured 
4.1±8.2% for training and -6.9±5.3% (for post-adaptation) (Figure 6.6). It should be noted that even 
though a large perturbation was used, which could favor the formation of an explicit strategy, the non-
immediate return to baseline in the Post group suggests that an internal model was indeed updated. 
 
6.4 Discussion 
The results in this study appear to satisfy the prerequisites for visuomotor adaptation to gain 
perturbations. Specifically, we observed a gradual reduction in error after the introduction of the 
perturbation as well as the presence of opposite aftereffects once the perturbation was removed. 
Furthermore, the task generalized in space and in size, showing a relatively small decay in time. 
Interestingly, the extent of adaptation appears to be long lasting when no veridical feedback is 
presented, as shown by the by both high retention of adaptation as well as low decay during 
generalization. 
The presence of long lasting aftereffects is somewhat reminiscent to prism adaptation, in which, unless 
veridical feedback is provided, adaptation tends to persist or present a slow decay (Hatada et al., 2006). 
Since the common denominator between prism adaptation and circle tracing adaptation appears to be 
that both are continuous processes, it is possible that long lasting aftereffects would be related to this 
feature. In fact, it is widely accepted that skill acquisition in continuous tasks is better retained than 
discrete ones (Schmidt and Lee, 2011), though whether this holds true for motor adaptation remains 
debatable. The similarity with prism adaptation however raises a few questions, as prism adaptation 
was shown to have effects extending beyond visuomotor parameters, e.g., visuospatial, visuoverbal, 
tactile perception, spatial attention as well as mental imagery (Berberovic et al., 2004; Farnè, 2002; 
Maravita et al., 2003; Rode et al., 2001), suggesting that the global representation of space is modified. 
In contrast to prism adaptation, since there is only spatially-bounded alteration to visual perception in 
the circle tracing task, a global modification to the representation of space is unlikely, therefore an 
extension to non-visuomotor parameters appears improbable. However, since visuomotor remapping 
does cause the effector-space interaction to be modified, it is possible that some of the effects present 
in this tracing adaptation, by being long-lasting, could transfer to other non-trained tasks within the 
motor domain, similarly to prism adaptation (Jacquin-Courtois et al., 2008; Tilikete et al., 2001).  
Using this task, several of the issues related to discrete measurements indeed may be eliminated. 
Specifically, there is no inter-trial interval and, as such, any issue related to preparation time (Haith et 
al., 2015) or decay of learning is minimized (Kim et al., 2015; Kitago et al., 2013). Furthermore, since 
the perturbation in this case is evident and consistent, the uncertainties related to the nature of the 
perturbation are greatly reduced. Also, the use of a circle, by covering all possible directions, reduces 
direction-related issues. It should be considered however, that depending on the nature of the study, the 
characteristics of the discrete measurements may indeed be desired in order to investigate certain 
aspects related to motor adaptation. Therefore, the implementation of a continuous approach could not 
substitute a discrete one, and the two are best implemented alongside.  
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The continuous approach holds an additional advantage compared to other paradigms. In reaching 
paradigms, it is important to consider the possibility of inaccuracies between measurements, both 
within a single study as well as between labs. A simple example from reaching adaptation paradigms is 
whether the reach angle is calculated at end point or at peak velocity. Seeing that this discrepancy is 
known, some studies integrate these two measurements e.g., (Haar et al., 2015). This would result in an 
operational tool for assessment, but not a precise one. Similarly, discrepancies may also derive from 
how the start position of a reaching movement is defined (i.e., subjects’ actual start position or an 
imposed start point). If 4 mm around an imposed starting position is defined as the area of starting 
position e.g., (Jiang et al., 2018), the maximum deviation of actual start position from the imposed 
starting position alone can generate a 6.5° direction deviation between measurements with a reaching 
distance of 70 mm. As there is no consensus regarding the area around the center for the starting point, 
these deviations could be even greater e.g., (Huang et al., 2018). All of these minor issues could 
confound the learning data and its interpretations. In the circle tracing paradigm, since the 
measurement for adaptation is continuous, these possible inaccuracies are eliminated, as the starting 
point is constant and the target is uniform across all measurements. 
A general limitation of this study is the use of a single type of perturbation, i.e., a visuomotor gain 
perturbation. It should be noted that not all perturbations are alike. Specifically, gain perturbations are 
adapted quicker and generalize better than visuomotor rotation perturbation (Krakauer et al., 2000). As 
such, the results presented in this study cannot be extended also to other types of perturbations (e.g., 
visuomotor rotation). However, we believe that future studies would indeed benefit from the evaluation 
of a visuomotor rotation perturbation using a continuous task as suggested in this study. Furthermore, it 
should be noted that a continuous task also presents limitations compared to a discrete one (e.g., 
directional generalization cannot be tested using a continuous task). Therefore, considering the 
differences between discrete and continuous tasks, it would be interesting to examine motor adaptation 
using a combination of both continuous and discrete tasks. This could permit a more thorough 
investigation of transfer from one modality to the other, as well as to better characterize the differences 
between the two. Finally, it should be noted that, granted the size of the perturbation used in this study, 
the observed adaptation may be due to strategic learning. Under this view, it is possible that subjects 
would demonstrate strategic adjustments, sensitive to goal based performance error, during the 
experiment rather than adaptation proper, sensitive to prediction errors between desired and actual 
consequences of planned movement (Taylor and Ivry, 2012). We should consider however, that the line 
between gradual adaptation and strategy formation is not easy to define. Explicit report of strategy in 
the current paradigm (if there is any) will be hard to put into numbers. If we assume the Post group 
explicitly knew about the gain change when they suddenly received veridical feedback after adaptation, 
they can pull off their strategy during this washout (i.e., post-adaptation). In this case, if an explicit 
strategy can fully account for the reported adaptation, we should observe an abrupt de-adaptation. 
However, this is not what we observed. Even though we indeed saw this group de-adapted faster than 
other groups, their de-adaptation was still gradual. Thus, we postulate that learning performance here 
contains implicit learning. Just like rotation adaptation, the relative size of explicit and implicit 
components might be a function of perturbation size (gain size here). However, this question shall be 
left for future studies. 
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7 Predicting behavior not learning: how initial state can predict 
execution patterns during motor learning 
 
6 
Abstract. Motor learning is integral for our day-to-day interaction with the outside world. As such 
much effort has been put on the identification of factors that may determine learning. However, as 
the main focus of current research is based on a single outcome measure for learning, current 
models for predicting learning from initial state variables have produced contrasting results. Here 
by investigating the interplay between parameters of the execution throughout performance, we 
examine the predictability of behavior during learning from the initial state in a repeated 
continuous circle tracing task. This was achieved by decomposing an outcome variable into 
different components whose combination is able to numerically determine movement outcome. By 
identifying movement components of speed and duration, we have created an execution space and 
divided the subjects according to their initial performance in that space into speed preference, 
duration preference, and no-preference groups. We found that performances tend to follow the 
shape of the solution manifold and, furthermore, are dependent on the initial location within the 
execution space.  
 
7.1 Introduction 
Motor learning is integral part of our day-to-day lives, from picking up a phone to playing a piano, the 
ability to learn is fundamental to our interaction with the world. As such understanding what may 
determine learning or how learning may be predicted has provoked great interest in current research. 
Commonly, motor learning is studied by introducing a task and measuring how well it is performed (or 
how much error is reduced) across trials. Following that, learning rate (how fast does the error reduce) 
and learning extent (how much of the error is reduced) may be determined. While examining learning 
is relatively straight forward, predicting learning is by far more challenging.  
There are several studies that have investigated whether the initial conditions of certain aspects of 
performance may influence/determine learning. Most debated is the role of motor variability, which is 
considered to be an indicator of exploration during learning (Barbado Murillo et al., 2012; Manor et al., 
2010; Zhou et al., 2013). It was suggested that the larger the initial variability the faster learning in both 
reward-based as well as error-based learning (Barbado Murillo et al., 2017; Wu et al., 2014). However, 
when considering individual differences in learning, predictive power of initial variability may be 
limited. In fact, (He et al., 2016) argued that inter-individual differences in initial variability could not 
predict learning rate. It should be considered that initial motor variability is not the only factor that 
could condition the initial state of performance and learning. A number of factors from working 
memory (Bisagno and Morra, 2018), visual processing (Baweja et al., 2015), visual-motor connectivity 
(Mattar et al., 2018), to the influence of previous experience (Witney et al., 2001) and age (Trewartha 
et al., 2014) were shown to influence motor learning. Therefore, it is clear that in order to predict 
learning between individuals, a different approach should be implemented. 
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As previously stated, examination of motor learning is commonly based on measuring learning rate 
e.g., (Dhawale et al., 2017; He et al., 2016; van Beers, 2012). Since learning rate is defined by a single 
measure of outcome (i.e., error reduction), it cannot fully describe how execution evolves nor how 
execution may support learning. Therefore, if our attention is only outcome oriented, we cannot fully 
understand the processes governing it. Awareness of this issue is well known, in fact, performance 
decomposition methods have been developed specifically with the idea of focusing on execution 
(Cusumano and Cesari, 2006; Furuki and Takiyama, 2019; Latash et al., 2002; Muller and Sternad, 
2004). However, the vast majority of these methods was applied only to discrete tasks. 
Though discrete tasks, by evaluating performance on a trial-by-trial basis, are extremely useful in 
dissecting the relationship between error and correction (and consequently learning), some fundamental 
differences are present between discrete and continuous tasks which may impede transfer of knowledge 
derived from discrete tasks. In fact, in the continuous tasks, pre-movement planning is less important, 
consequently there is an ongoing regulation of control (Schmidt and Lee, 2005). Therefore, when it 
comes to exploration patterns, it is possible that in a continuous task subjects can only make 
incremental changes, as tasks are to be performed smoothly, therefore, abrupt changes in performance 
(e.g., following an unsuccessful trial) are less likely to occur. In discrete tasks on the other hand, as 
more time is present to elaborate previous performance, subsequent performances may vary greatly. In 
fact, it was shown that reducing inter-trial interval and pre-movement planning, people tend to reduce 
their strategic learning but rely on incremental error-based learning (Haith et al., 2015; Kim et al., 
2015). Therefore, it is likely that certain aspects of performance in a continuous task, by being more 
incrementally driven, could indeed be predicted by the initial state. 
In this study we take an execution-centric approach for motor learning in a continuous task, 
investigating the interplay between execution variables throughout the performance, regardless of the 
outcome. For this purpose, a circle tracing task was asked to be performed as fast and accurate as 
possible. Given the continuous nature of the task, we hypothesize that no abrupt changes in behavior 
are expected, and therefore execution pattern could be determined by the initial state and remain 
relatively fixed throughout the performance. Therefore, when no specific indication is given, both the 
initial state within the execution space as well as by the shape of the solution manifold would 
determine subjects’ performance. 
 
7.2 Material and Methods 
7.2.1 Participants 
40 healthy adults were recruited for this study (age: 20.27±2.93 years; 17 males). All participants were 
right handed. Participants were naive to the task and the purpose of the study, and free of documented 
neurological impairments. All participants reported to have a corrected-to-normal visual acuity. The 
study protocol was approved by the Institutional Review Board of Peking University and all procedures 
conformed to the code of ethics of the Declaration of Helsinki. All participants gave written informed 
consent and were paid for their time. 
7.2.2 Set up and Task 
Participants were presented a circle template projected on a monitor mounted vertically in front of them 
at eye level (Figure 7.1). A black paperboard occluded vision of the hand. On the circle template (2.27 
cm in radius) a small red moveable circle represented the starting point. The participants were 
instructed to executed tracings of a circle, using graphic pen tablet (Wacom Intuos® PTK-1240, 
Tokyo, Japan; active area: 462 x 305 mm), while seated without the support of either wrist, arm, or 
elbow, in such a way that the only contact with the tablet was made through the pen. Further 
instructions included tracing the target circle counterclockwise as fast and as accurate as possible. 
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Before starting the task, each participant was asked whether the instructions were understood. Once 
participants positioned themselves at the correct point, the small circle turned to green indicating the 
start of the trial and the cursor became invisible. During execution, the cursor position, represented by 
the small circle, was visible. The cursor trajectory was also visible, and was reset every revolution. 
Each participant was tested individually and was asked to continuously trace the circle without 
stopping. Once 48 revolutions of the circle were traced, the trial ended automatically. 
 
 
Figure 7.1. Setup and Error Reduction. A. Diagram illustrating the experimental setup. Each 
subject was presented a circle template projected on a monitor in front of her/him at eye level. A 
black paperboard occluded vision of the hand. The subjects executed tracings of a circle, while 
seated without the support of either wrist, arm, or elbow, in such a way that the only contact with 
the tablet was made through the pen. B-C. Results for radius error (B) and for total error (C) per 
revolution for all subjects, it is possible to see that both radius and total errors gradually reduce 
during the task. 
 
7.2.3 Analysis 
7.2.3.1 Circle analysis 
Circle tracing analysis consisted of calculation of traced circle radii, measured as point distances from 
the template’s center (i.e., radius). For each measured radius, deviations from the template’s radius 
were also calculated (i.e., radius error) which were used to calculate the mean radius error for each 
revolution. The sum of the radius errors for each revolution was considered as the total error. In 
addition, for each revolution the travelled distance distance was calculated. This measure was further 
used along with the duration of each revolution to estimate the speed for said revolution (derived from 
Speed = Distance / Duration). Finally, for evaluation of inter-trial differences, the differences between 
two successive revolutions were calculated, for both duration and speed. 
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7.2.3.2 Speed Profile 
The number of peaks within the speed profile of the entire performance of each subject was used as an 
estimate for movement smoothness (Balasubramanian et al., 2015; Teo et al., 2002). Speed data of the 
performances was first filtered using local regression with weighted linear least squares and a 1st 
degree polynomial model setting, span was set for 1% of the dataset’s length. Following that using 
Matlab, the find peaks algorithm was implemented in order to calculate the number of peaks. 
7.2.3.3 Timing variability 
In order to evaluate a timing variability within the performances, the detrended windowed lag-one 
autocorrelation (detrended-wγ(1)) was used on the measured duration of each revolution for each 
subject (Lemoine and Delignières, 2009). We computed wγ(1) over a window of the 30 first points, 
moving the window by one point, all along the sets. For each point moved the data was first linearly 
detrended on the window, and then the lag-one autocorrelation was computed. Following that the mean 
detrended-wγ(1) was calculated for each subject, and was considered as an estimator of the overall 
autocorrelation. 
7.2.3.4 Creation of execution space, solution manifold, and group division 
The execution space was created by pairing the possible values of each of the execution variables. The 
limits of the space were chosen a posteriori following the examination of the dataset and were set to 
maximum values of 2.2 sec for duration, and 600 mm/sec for speed. Creation of the solution manifold 
was based on paired possible values of the execution variables the yielded a distance equal to the circle 
circumference (142.85 mm). The absolute difference between the measured distance of each pair of 
variables and that of the circumference was calculated, and the results were plotted on the execution 
space (Figure 7.2), the closer the difference was to 0, the whiter the area corresponding to the 
combination of variables. A k-means algorithm was used in order to divide subjects into groups based 
on their initial performance, specifically based on speed and duration values. The reason for choosing 
k-means clustering was that it does not require any prior assumption regarding the performance. 
 
 
Figure 7.2. Solution Manifold. Within the possible combination of the execution variables 
(duration and speed), the most congruent combinations with the target distance create the solution 
manifold (represented in white). The better the combination of the variables is (i.e., the closer their 
combination yields the target distance) the whiter the area is. 
 76 
 
7.2.4 Statistics 
To evaluate the significance of the improvement of the performance a paired sample t-test was 
implemented on the initial error and end error for both radius error as well as for total error. All 
eventual differences between groups were evaluated using a two-tailed t-test on the inter-trial 
differences for speed and duration, as well as on the peak numbers in the speed profiles and on the 
detrended-wγ(1) values. 
 
7.3 Results 
As a first measure, we have evaluated the task execution according to the instructions. We assume that 
if the instructions were indeed followed, there should be a gradual reduction in error. In fact, the initial 
radius error for the first revolution measured 5.65±3.35 mm, reducing to 2.81±1.83 mm by the last 
revolution (Figure 7.1B), total error reduced from 329.2±151.7 mm to 133.47±81 mm (Figure 7.1C). 
This improvement was further evidenced by using paired sample t-test revealing significant differences 
between the initial error and end error for both radius error (p<0.001) as well as total error (p<0.001). 
In order to examine exploration patterns within the data, an execution space is needed to be created. To 
achieve this, first a result variable is to be chosen. This variable must represent some measure that 
could be compared with the desired outcome. In the circle tracing task, since the distance travelled each 
revolution could be readily compared with the target distance (i.e., circumference of the template 
circle), it was chosen as the result variable. Following this, two execution variables are to be chosen. 
The relationship of these execution variables must be able to quantify the result variable. When 
examining the measurable quantities retrieved in this task (i.e., trajectory and time), as well as the 
result variable, it seems fitting to define the execution variables from the distance and time relationship 
(i.e., Speed=Distance/Duration). Consequently, as the distance measure is considered as the result 
variable, we may use Speed and Duration as the execution variables. This allows for the creation of an 
execution space based on the various combination of speed and duration, and solution manifold for the 
combination yielding zero discrepancy between the circumference of the target circle and the given 
combination (Figure 7.2).  
The solution manifold within the execution space assumes curved conformation. Furthermore, it is 
possible to see that the solution manifold becomes larger the closer it is to the curve change point 
(calculated as the point on the manifold with shortest distance from the origin, measured 0.8 sec and 
192 mm/sec). Meaning that more combinations around the change point would have a minor error 
(greater tolerance) compared to other regions. Also, the closer performances get to that point, small 
variations in one variable correspond to small changes in the other (as opposed to other areas in which 
small variations in one variable may cause large variations in the other). Considering this shape, if 
performances do indeed respect the architecture of the solution manifold, there should be a tendency to 
converge toward the change point. With that logic, we have computed the deviation from that point 
throughout the performances for both speed and duration, both reducing to values close to zero. 
Specifically, for speed the absolute initial difference measured 7.04±87.13 mm/sec, reducing to 
2.63±62.7 mm/sec, for duration the absolute initial difference of 0.266±0.35 sec, reduced to 
0.0021±0.23 sec. A quiver plot further demonstrate this trend (Figure 7.3). 
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Figure 7.3. Quiver plot. A quiver plot was obtained by taking the mean of the first 3 revolution 
and the last 3 revolutions for each subjects. It is possible to see that there is a general tendency of 
the performances toward the curve change point. 
 
Examination of the solution manifold appears to suggest that if the manifold were divided into 2 parts 
at the changing point, one part would correspond to relatively small changes in speed with large 
changes in duration, and the second part with the opposite trend. From this, 2 strategies emerge, the 
first is that of maintaining a relatively constant speed, the other of maintaining a relatively constant 
duration. Furthermore, the quiver plot seems to suggest that there is no change in strategy throughout 
the performance. This means where subject land on the execution space, would very likely determine 
said subject’s exploration pattern. To examine this hypothesis, we have first divided the subjects into 3 
groups using k-means algorithm, using only the speed and duration of the first revolution (Figure 
7.4A). The reason for 3 groups instead of 2 is that subjects landing on the area of maximum tolerance, 
are not expected to show any preference. The 3 groups obtained were that of steady speed (i.e., Speed 
Preference, SP; n=9), steady duration (i.e., Duration Preference, DP; n=8), and No Preference (i.e., NP; 
n=23). Particularly, the average duration measured 0.63±0.01 sec for the DP group, 1.2±0.12 sec for 
the SP group and 0.8±0.04 sec. The average speed measured 254±16 mm/sec for the DP group, 
122±9.1 for the SP group and 195±7.6 for the NP group. Both duration and speed were found to be 
significantly different between all groups (p<0.001).  
If strategies are indeed fixed, there should be a minimal change in duration for the DP group along with 
large changes in duration for the SP group (Figure 7.4B). The opposite should be visible when 
examining the speed parameter (Figure 7.4C). Since using the speed and duration values would 
evidently be significantly different since the values themselves are already very different (Figure 7.4). 
We have examined inter-trial difference to evaluate the consistency of each parameter (speed and 
duration) throughout the performance for each subject. A two-tailed t-test was implemented on the 
inter-trial differences for each parameter. Both values were found to be significantly different between 
the groups (Figure 7.5A, 7.5B). Specifically, the mean inter-trial difference for duration were low for 
the DP group compared to the SP (0.137±2.134 msec and 10.88±5.7 msec, respectively, p<0.001); the 
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mean inter-trial difference for speed presented the opposite trend, with larger differences for DP group 
compared to the SP group (2.081±0.413 mm/sec and 0.531±0.473 mm/sec, respectively, p<0.001). 
Inter-trial differences for the NP group presented intermediate values (5.6±4 msec for duration and 
0.67±1.24 mm/sec for speed). Significant differences between the NP group and the DP were found for 
both duration and speed (p<0.05 and p <0.001, respectively), whereas between the NP and the SP 
groups significant differences were found for duration but not for speed (p<0.05 and p=0.73, 
respectively). 
 
 
 
 
 
Figure 7.4. Group Division. Subjects into 3 groups following the implementation of k-means on 
the speed and duration values of the first revolution. A. scatter plot of the speed and duration 
values obtained on the first revolution, every dot represents a subject and is colored according to 
the k-means division into a Duration Preference group (i.e., DP; n=8; red), Speed Preference group 
(i.e., SP; n=9; blue) and No Preference Group (i.e., NP; n=23; green). B. Duration results 
throughout the performance for the 3 groups. It is possible to note that the DP group (red) remains 
relatively stable compared to the SP group (blue). C. Speed results throughout the performance for 
the 3 groups, demonstrating that SP group (blue) remains relatively stable compared to the DP 
group (red). 
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Figure 7.5. Inter-Trial Differences. Box plot representing the group inter-trial differences for 
duration (A) and for speed (B). It is possible to see that for duration, DP group (red), present very 
small differences compared to SP (blue), suggesting that DP group maintains the duration 
relatively constant. The opposite trend is visible for speed in which the SP group (blue) presents 
smaller differences compared to the DP group (red). The NP group (green) represents an 
intermediate between the groups for both duration (A) and speed (B). Red crosses represent 
extreme outliers. 
 
To broaden our examination of the potential differences between the groups, the number of peaks 
within the speed profiles for each group were evaluated revealing that a smoother performance is 
present for the SP (124.8±7.2 average peaks) regarding speed compared to the DP group (145.8±18.4). 
Also in this case, the NP group presented intermediate values (131.7±13.1). Significant differences 
were found between DP and SP groups (p<0.001) as well as between DP and NP group (p<0.05), but 
not between the SP and NP groups (p=0.15). Interestingly, even though performances were generally 
longer for the SP group, still the number of peaks was lower compared to the DP group. 
In addition, we have implemented a timing variability analysis using a detrended windowed lag(1)-
autocorrelation (detrended-wγ(1)) on the duration values of the 3 groups. For the DP group, with the 
exception of 2 subjects, values were negative (-0.138±0.255), suggesting that the group as a whole is 
more event-based type of control, driven by an internal representation of time. For the SP group, values 
were invariably positive (0.290±0.211), suggestive for a more emergent base type of control, driven by 
effector dynamics. The NP group represented the intermediate case with both positive and and negative 
values (with 9 subjects showing negative values, group average 0.105±0.223). All groups were found 
to be significantly different from each-other (p<0.05). However, only the SP group was found to be 
significantly different from 0 (p<0.05). 
 
7.4 Discussion 
One of the largest mysteries in motor control is that of why and how a certain movement comes about 
during performance. In this paper we have shown that when focusing on the execution, several patterns 
seem to emerge which remain relatively stable throughout the performance (Figure 7.4, 7.5). 
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Surprisingly, even though the chosen execution variables (speed and duration) in our task are 
dependent, their modifications throughout the performance are independent. As such, the identified 
patterns were those of maintaining a relatively constant speed or a relatively constant duration. We 
have further demonstrated that performance according to these patterns follow the shape of the solution 
manifold and, by doing so, remain relatively constant (Figures 7.3 and 7.4). This suggests that the 
initial state of the performance within the execution space is sufficient to determine or predict the entire 
performance. 
The findings provided by this study do demonstrate the existence of different task-related execution 
strategies. In the case of the task here presented, this optimization is guided by one measure which is 
either duration or speed. It is important to consider that these two execution variables possess different 
characteristics, which could suggest different types of control. While duration is defined by a periodic 
measure (i.e., interval between repetition) and is maintained best when controlled periodically (Elliott 
et al., 2009; Studenka et al., 2012), speed on the other hand is a more dynamic measure which is 
controlled continuously. This view may suggest that the SP group utilizes a more active type of control 
whereas the DP group a more intermittent one. In fact, examination of the peak number within the 
speed profile of the performances revealed a lower number of peaks for the SP compared to the DP, 
suggesting a smoother performance (Balasubramanian et al., 2015; Teo et al., 2002). Also, the positive 
detrended-wγ(1) values for the SP further support the notion of a more dynamic type control, compared 
to negative values for the DP group which are suggestive for a more discrete type of control (Repp and 
Steinman, 2010). 
There is a plethora of possible explanations as to why a performance may occur in a certain way. In 
this study we have focused mostly on the existence and modification of execution patterns. However, 
since these patterns are determined already at the beginning of the performance, it is possible that 
subjects present certain biases/inclination toward a certain pattern, which then after would determine 
their initial location. In fact, it is known that while the possibilities for movement execution are infinite, 
most subjects tend to demonstrate certain stereotypical patterns and, therefore, the abundance of 
solutions is more apparent than actual (Franklin and Wolpert, 2011). Furthermore, the notion of 
individual biases was demonstrated to occur for certain aspects of a motor performance. For example, 
individual directional biases were found to occur for reaching (Wolpert et al., 2011). Biases are not the 
only example for some certain inherent preference that subject may possess. It was also shown that 
feedback reliance is not equal among individuals (Cohen et al., 2018a). Therefore, it is also possible 
that subjects possess some estimation of their own control, and consequently, by being aware of their 
own limitations would be more inclined toward one direction or the other.  
A few limitations of this study should be noted. The first, it is important to note that while the 
execution variables in this task demonstrate differences, these variables are chosen. Therefore, by 
choosing different variables there is also the possibility for other patterns to emerge. Also, it should be 
considered that performances are likely to greatly vary depending on the task as well as the task 
requirements. While this study was concentrated on a continuous task, discrete tasks are likely to 
produce different results. Though a side by side comparison of the two was not included in this study, it 
would be interesting to examine whether subjects maintain performance patterns also across tasks. 
Finally, though this study focused on a group division of the subjects, this decision was made in order 
to evidence the differences, however, we believe that data regarding execution patterns may also be 
viewed as a continuum. 
 
7.5 Conclusions 
How a movement is performed during learning is an important aspect for both motor control and 
learning in general. Finding ways to identify and describe the determining factors for a movement is 
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indeed a challenging mission. Though there are different factors that were suggested to influence 
and/or predict learning, by focusing solely on learning (rate or extent) as an outcome measure, their 
predictive power may be limited. Here we shifted the focus away from “how well a task is performed”, 
and investigated the differences in “how the task is performed” between individuals. Indeed, we 
identified two specific patterns for the given task suggestive for engagement of different types of 
control. We believe that by examining the execution patterns employed, it could be easier to understand 
which aspects of performances could be improved and individual differences could be better 
investigated. 
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8 General Conclusions  
If the history of intelligence testing teaches us anything is that any transition from theory to practice 
entails numerous attempts as well as different approaches before consolidating it. For motor 
intelligence, though conceptually as old as intelligence itself, was not pursuit with the same vigor and 
consequently remains mostly theoretical. It is important to consider, however, that the effort of 
quantification and stratification of the population is only justified when a certain larger purpose is 
present. When it comes to intelligence, this stratification allowed for early identification of individuals 
who may require special assistance, as well as those who could be pushed forward. In other words, the 
general purpose of quantifying intelligence is that of helping individuals to reach their full potential, 
and it remains the same also for motor intelligence. Especially nowadays, where movement related 
research has advanced greatly, while at the same time, there are still certain lacunas when it comes to 
understanding how to use movement and how it influences us in the day to day life. These themes, 
perhaps due to their nature and the difficulties they entail, are often left behind. However, we must 
always consider that the consolidation of any theoretical concept is a collective endeavor, which 
requires both refinements of theory and practice. As such, it is thanks to works like those of Berendrsen 
and Hand that help to keep the concept alive. Parallel to that, we should pursuit a more practical 
approach as well. 
Though what I present in this thesis are only initial steps, I hope that this work would help to stimulate 
other researchers to seek more quantification methods which could be of value for evidencing 
individual differences and, more in general, for motor intelligence. Considering the already existing 
taxonomies in motor control, stratification for many domains of motor control is still lacking (e.g., 
gross and fine motor skills, discrete and continuous skills, open and closed loop skills etc.) and may 
represent an objective for future studies. Surely, this is a long path that should be followed with 
correlational studies between abilities as well as between other, perhaps more cognitive, aspects of 
movement. Still, according to many, this is a path worth pursuing. 
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